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Abstract

Can strategic information acquisition harm the provision of a public good? We inves-
tigate this question in an incentivized online experiment with a large and heterogeneous
sample of the German population. The marginal returns of the public good are uncertain:
it is either socially efficient to contribute or not. In the information treatment, participants
can choose between two information sources with opposing biases. One source is more likely
to report low marginal returns, whereas the other is more likely to report high marginal re-
turns. Most participants select the source biased towards low marginal returns, independent
of their prior beliefs. As a result, the information treatment significantly reduces contri-
butions and increases free-riding. When contributing is socially efficient, the information
treatment reduces social welfare by up to 5.3%. Moreover, social preferences affect informa-
tion acquisition: socially-oriented participants are more likely to acquire information and to
select the source that is biased towards low marginal returns. We corroborate our findings
by showing that participants’ behavior in our experiment is consistent with their attitudes

towards actual public goods.
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1 Introduction

In today’s information-rich world, with many different sources of information available, individ-
uals are unable to pay attention to all information. Therefore, each individual has to constantly
select which sources are worthy of attention. Moreover, misleading or false information spreads
easily on the Internet and especially on social media (Lazer et al., 2018). The fact that individ-
uals selectively expose themselves to information that is not necessarily true, but confirms their
own beliefs or aligns with their preferences, leads to the formation of echo chambers, which has
been well established in the empirical literature (Del Vicario et al., 2016).

The consequences of selective exposure, however, depend on how the information obtained
affects actions. On the one hand, if the information an individual receives affects only her own,
private actions and individual outcomes, her selective exposure can only affect her well-being.
On the other hand, if the individual engages in collective action, then the information she obtains
and the way she reacts to this information will affect the collective outcome of all individuals
involved as well as overall welfare. An important area of collective action where information
might play a crucial role is the provision of public goods. Often the exact returns of the public
good are uncertain in advance, which can lead to under-provision of the public good (Levati et al.,
2009). At first glance, providing more information about the returns of the public good could
mitigate the problem of under-provision. If however different information sources have opposing
claims about the returns of the public good, and individuals strategically select the source which
supports their selfish interests, they can use the information to justify lower contributions. Then,
information provision backfires and, contrary to expectations, further reduces the provision of
the public good.

Environmental protection and COVID-19 containment are two salient examples of public
goods with uncertain returns, where information acquisition plays a crucial role. First, climate
change denial is a well documented phenomenon (Bjornberg et al., 2017). On the one side,
science denial campaigns by politicians like Donald Trump have a negative impact on climate
change awareness, whereas on the other side environmental activism of groups like Fridays for
Future have a positive impact (Baiardi and Morana, 2020). Second, social distancing, tests, and
vaccinations can be interpreted as contributions to the public good of COVID-19 containment.
However, the returns to these containment measures were initially uncertain since it was not
yet clear how the pandemic would evolve. Misleading and false information about the virus and
the containment measures spread quickly - causing the World Health Organization to declare an
"infodemic" in February 2020 (World Health Organization, 2020; Cinelli et al., 2020).

In this paper, we answer the following research question: What is the effect of strategic
information acquisition on the level and efficiency of voluntary contributions to a public good,
and on social welfare? To this end, we investigate how participants acquire information when
facing unreliable, biased information sources. Specifically, we analyze how social preferences
affect strategic information acquisition.

In our experiment, we implement a one-shot Voluntary Contribution Mechanism where the
marginal returns of the public good are uncertain. There are two states of the world: If the
marginal returns are high, it is socially efficient to contribute to the public good, whereas if they

are low, it is socially inefficient. We employ two main treatments. In the no info treatment, there



is no further information available such that participants make their contribution decision based
on their prior beliefs. In the info treatment, participants have the opportunity to acquire one
unit of costless information about the returns of the public good from two unreliable sources with
opposing biases. The high-biased source is biased towards claiming that the returns of the public
good are high, whereas the low-biased source is biased towards claiming that the returns of the
public good are low. In particular, in a non-preferred state, a source will not necessarily reveal
the truth, but might instead claim the preferred state. Within each treatment, we experimentally
vary the prior beliefs about the state of the world.

When participants behave rationally and do not exhibit any social preferences, the equilibrium
contribution to the public good in this game is zero — independent of beliefs. Then, information
acquisition does not change the optimal level of contribution, such that an individual is indifferent
towards all information as long as it is costless. However, if social preferences play a role,
information might matter. On the one hand, an individual purely interested in maximizing
efficiency aims to match her action to the state of the world and hence aims to find out the true
state. To this end, the direction of optimal information acquisition should depend on prior beliefs
(Che and Mierendorff, 2019). Our experimental design allows us to test how prior beliefs affect
information acquisition. On the other hand, it has been established - especially in the literature
on Dictator games - that participants strategically avoid information that compels them to be
more generous (Dana et al., 2007), or strategically seek information that justifies less generous
behavior (Spiekermann and Weiss, 2016). To gain insight into whether participants are selfish or
socially oriented, we elicit the motives behind the contribution decision in a post-experimental
question. Thus, we can investigate how social preferences affect information acquisition.

We conduct our experiment on the German Internet Panel (GIP), which is a long-term online
study based on a random probability sample of the general population in Germany. The GIP
reaches more than 4,000 participants and regularly asks them about a multitude of political
topics as well as socio-demographic variables. Embedding our experiment in the GIP allows us
to complement the results from our experiment with available GIP data so that we can investigate
whether the social preferences revealed in our experiment are indicative of actual public good
contributions. We use the two examples of public goods with uncertain returns introduced in
the beginning, and analyze whether the information acquisition and contribution behavior in the
experiment are correlated with the willingness to contribute to environmental protection and
COVID-19 containment.

The results from our experiment yield several insights. Most participants in the info treat-
ment choose to acquire information, but a sizeable share of 13% does not acquire any information.
Among the participants who acquire information, a majority of 65% selects the low-biased source,
with no significant differences between prior beliefs. The selective choice of this source causes
the beliefs of most participants to decline. As a result, the info treatment significantly reduces
average contributions compared to the no info treatment. The share of participants who free-ride
increases significantly in the info treatment, whereas the share of participants who contribute
their entire endowment decreases. In terms of efficiency, the treatment effect is positive only
for those groups where the public good has low marginal returns, i.e. where it is indeed socially

efficient to contribute zero. In that case, the increase in efficiency implies an increase in social



welfare by up to 12.4%. However for those groups where the public good has high marginal
returns, i.e. where it is socially efficient to contribute, the effect of the info treatment on the
efficiency of contributions is negative. In that case, the reduction in efficiency implies a reduction
in social welfare by up to 5.3%.

Furthermore, we find that those participants who indicate that they are interested in maxi-
mizing the payoff of their entire group are more likely to acquire information than participants
with other motives. Among the participants who acquire information, those who indicate that
they are interested in maximizing their own payoff are more likely to acquire information from
the high-biased source than those interested in maximizing the payoff of their entire group. This
result is consistent with the findings from the literature on self-image concerns and self-serving
biases (in particular Spiekermann and Weiss, 2016; Grossman and van der Weele, 2016). If a
relatively selfish individual still feels compelled to contribute as long as there is a positive prob-
ability that the returns of the public good are high, acquiring information from the high-biased
source is attractive: If the source claims high marginal returns, the obligation to contribute is
unchanged, but if the source reveals low marginal returns with certainty, it allows the individual
to contribute less.!

We find robust evidence that the level of contributions in our experiment is correlated with the
willingness to voluntarily contribute to environmental protection and COVID-19 containment.
Moreover, we find that those who acquire information that is biased towards high marginal
returns display a lower willingness to contribute to environmental protection than those who
acquire information that is biased towards low marginal returns. This is coherent with our
finding that more selfish participants acquire information that is biased towards high marginal
returns.

Finally, we rationalize the results from our experiment in a theoretical model: An individual
has an incentive to choose the low-biased source if she has social preferences (or, equivalently, has
a preference for efficiency) and self-image concerns. In particular, each individual has a reference
point for contributions she aims to match, which can be interpreted as the social obligation to
contribute. We show that, if the social obligation to contribute increases when an individual
becomes certain that the marginal returns of the public good are high, she acquires information
from the low-biased source. Indeed, this source communicates that the marginal returns are high
only if this is true. For a similar reason, an individual acquires information from the high-biased
source if the social obligation to contribute decreases when the individual becomes certain that
the marginal returns of the public good are low. This model connects two of our findings: the
majority of participants have social preferences, but contributions are lower in the information
treatment. The majority of participants in our experiment would like to find out that the public
good has high marginal returns (i.e., it is efficient to provide it). However, to this end, they
have to acquire information from the low-biased source, which in expectation reduces posterior

beliefs. Overall, this reduces the amount of contributions and harms efficiency.

!'Note that this behavior can be interpreted in the sense of a confirmation bias: The individual is actively
seeking information that confirms that her preferred contribution level is socially desirable. Thus, a selfish
individual seeks information that reveals that marginal returns are low with certainty, while a socially oriented
individual seeks information that reveals that marginal returns are high with certainty.



2 Literature Review

Public Goods With Uncertainty

There exists a growing literature on environmental uncertainty in public good games. In contrast
to strategic uncertainty, which arises endogenously because of imperfect information about the
other participants’ behavior, environmental uncertainty arises for instance if the marginal returns
of the public good are uncertain (Levati et al., 2009; Levati and Morone, 2013; Bjork et al., 2016).
Their findings can be summarized as follows: Consider a standard linear public good game
with risky marginal returns, where the expected marginal per capita return (MPCR) equals the
MPCR in the control group game with certain marginal returns. If the risky MPCR is calibrated
such that full contributions are socially efficient even for the lowest possible realization of the
MPCR, the average unconditional contributions are largely unaffected (Levati and Morone, 2013;
Bjork et al., 2016). If however the risky returns are calibrated such that full contributions
are not socially efficient for at least one of the possible realizations of the MPCR, the average
unconditional contributions are significantly lower than in the game with certain marginal returns
and there occurs significantly more full free-riding (Levati et al., 2009). The same pattern can
be found if the stochastic returns are heterogeneous among the participants (Théroude and
Zylbersztejn, 2020; Colasante et al., 2020), or if the participants observe different signals about
the true value of the risky MPCR (Butera and List, 2017). Fischbacher et al. (2014) find that,
in a game with heterogeneous returns, uncertainty about the own MPCR significantly lowers
average conditional contributions.

A different approach considers a public good with a known MPCR which is provided only
with a certain probability p < 1, independent of the aggregate contributions. In this case, full
contributions are not socially efficient with probability 1-p. In this setting, average contributions
are significantly lower compared to a game with a certain provision of the public good (Dickinson,
1998; Gangadharan and Nemes, 2009). In particular, Gangadharan and Nemes (2009) find
that allowing the participants to make a costly investment to reduce the uncertainty enhances
cooperation.

We contribute to this literature by allowing for different priors about the risky MPCR and
by adding the possibility to acquire (unreliable) information about the MPCR.

Strategic Information Acquisition

The idea that participants exploit a "moral wiggle room" by remaining ignorant about the
consequences of their actions to justify selfish behavior was first established by Dana et al.
(2007) in a dictator game. Strategic information avoidance and strategic information acquisition
have been studied extensively in the dictator game context, providing different explanations for
such behavior. If individuals are concerned about their self-image as an altruistic person, they
face a trade-off between taking a costly pro-social action and being revealed as selfish. Therefore
they reveal a perfectly informative signal only when they are sufficiently altruistic (Grossman
and van der Weele, 2016). When facing a noisy signal, selfish individuals strategically seek
information that validates the innocuousness of their selfishness (Chen and Heese, 2019). If

individuals are duty-oriented but perceive moral responsibility as a burden, information that



reveals that the socially optimal action is higher than expected is harmful and will be avoided
(Nyborg, 2011). If participants feel compelled to perform an action implied by a norm, but
use their participative beliefs to interpret these normative obligations, they can strategically
acquire information to manipulate their beliefs to reduce the participative normative pressure
(Spiekermann and Weiss, 2016).

Only a few papers study strategic information avoidance and strategic information acquisi-
tion in a public good setting. Aksoy and Krasteva (2020) conduct a public good game in which
participants facing uncertain returns are erogenously uninformed about the true MPCR. They
find that participants react differently to the information depending on their general level of
generosity and depending on whether they receive "good news" or "bad news", i.e. whether the
true MPCR is above or below the expected MPCR. Momsen and Ohndorf (2019, 2020) study
endogenous information acquisition in a framed experiment with repeated carbon-offset purchas-
ing decisions, where the externalities are uncertain. When the signal about the externalities
is perfectly informative, participants strategically avoid this information only when it is costly,
but not when it is costless. This result is consistent with the explanation that individuals use
information costs as a situational excuse to avoid information that would prohibit them from
selfish behavior. Moreover, participants avoid information more frequently if the externality is
negative and affects other participants rather than the purchase of carbon offsets (Momsen and
Ohndorf, 2020). In the same framing, Momsen and Ohndorf (2019) introduce stochastic, poten-
tially unreliable information revelation. They also introduce two information sources to allow
for selective exposure, where participants are allowed to acquire one signal from each source.
In this case, they find evidence for information avoidance but not for selective exposure. Our
experiment differs in several dimensions from Momsen and Ohndorf (2019). First, we study an
unframed setting that allows us to investigate how underlying social preferences affect infor-
mation acquisition and contribution behavior without an associated context. Second, in their
setting, rational individuals have a preference to acquire all available information, while in our
setting, rational (selfish) individuals are indifferent towards information acquisition. Therefore,
information avoidance arises as a consequence of cognitive dissonance in their setting, but is a
rational action in our setting. Third, while we employ a similar information revelation process,
we allow participants to acquire only one signal. Thus, we can observe preferences for different

types of information. Fourth, we test whether selective exposure depends on prior beliefs.

3 Experimental Design

We study a Voluntary Contribution Mechanism (VCM) in which the marginal per-capita return
(MPCR) is stochastic. Participants interact in groups of n = 4. They receive an endowment e
of which they can invest some amount 0 < g; < e in Project A, which is the public account. The
remaining amount e — g; is automatically invested in Project B, the private account. The VCM
is played only for one round, i.e. participants make exactly one contribution decision. Let w

denote the MPCR of the public good, which is the same for all group members. Then the payoff



of individual 7 is given by

4
7T7;=6—gi+ngj (1)

j=1
such that, if w € (zlu 1), it is socially efficient to contribute the entire endowment to the public
good, but individually rational to contribute nothing. With a prior probability of u, the MPCR
is high, wp, and with a prior probability of 1 — u, the MPCR is low, w;. We use a value of
wy, = 0.5 for the high MPCR and a value of w; = 0.1 for the low MPCR. Thus, the high MPCR wy,
creates a social dilemma situation, because it is socially efficient to contribute but not individu-
ally rational, while for the low MPCR wy, it is socially efficient not to contribute to the public
good and there is no social dilemma situation. Therefore, selfish and social interests are aligned
if the MPCR is low, but they diverge if the MPCR is high. To study the effect of priors, we
consider three different prior probabilities p € {0.25,0.5,0.75}. For a risk-neutral individual who
makes her contribution decision according to the expected MPCR, full contributions are socially

efficient when p = 0.5 or p=0.75, but not when p = 0.25.

We have two main treatments: no info and info. In the no info treatment, which is our
control group, participants do not have the opportunity to acquire further information about the
payoff of the group project. They are informed about the prior probability of the high MPCR and
then immediately make their contribution decision. In the info treatment, participants have the
opportunity to reveal one unit of — potentially unreliable — information about the MPCR before
making their contribution decision: They face two information sources with opposing bias, Sg
and Sy, which send one of the two possible signals high or low. For this information revelation
process, we follow Che and Mierendorff (2019). The H-biased source, Sy, is biased towards
sending the signal that the MPCR is high: If the true MCPR is wy, the Sg source always sends
the signal o = high. If however the true MPCR is wy, the Sp source sends the signal o = low
only with probability . With probability 1 - A, it also sends the signal o = high. Analogously,
the L-biased source, St, is biased towards sending the signal that the MPCR is low: If the true
MCPR is wy, the Sy, source always sends the signal o, = low. If however the true MPCR is wy,
the St source sends the signal op = high only with probability A. With probability 1 — A, it
also sends the signal o, = low. The probability A € (0,1) is the probability that a source reveals
a non-preferred state and can be interpreted as the probability of receiving breakthrough-news
(Che and Mierendorff, 2019). In our experiment, we use a value of A = 0.5. Participants can
acquire exactly one unit of information from one of the two sources, or decide not to acquire any
further information about the MPCR. In the experiment, the information is costless.

If the participant acquires a signal from the Sy source and receives the signal o = low (i.e.
breakthrough news), she updates her belief to pj; = Pr(w = wy|og = low) = 0. If she receives the
signal og = high, she updates her belief to

I
pt (1=p)(1=A)

Wy = Pr(w=wplog = high) =

with pfy > g for all e (0,1). Using A = 0.5, the posterior belief simplifies to pf; = 12+_Mu



Analogously, when she acquires a signal from the S, source and receives the signal o, = high
(i.e. breakthrough news), she updates her belief to p} = Pr(w = wp|oy, = high) = 1. If she receives

the signal o, = low, she updates her belief to

p(1-A)
p(1=A) +(1-p)

wp = Pr(w=wylor = low) =

with g} < p for all e (0,1). Using A = 0.5, the posterior belief simplifies to pj = ﬁ
After having acquired information, the participants in the info treatment make their contri-

bution decision based on their posterior belief.

3.1 The German Internet Panel

The German Internet Panel (GIP) is a long-term online study based on a random probability
sample of the general population in Germany aged 16 to 75.2 The GIP is an infrastructure project
of the Collaborative Research Center (SFB) 884 "Political Economy of Reforms" at the University
of Mannheim. It started in 2012, and refresher samples were recruited in 2014 and 2018, resulting
in a current participant pool of over 6,000 potential participants. The participants are invited to
take part in a survey on the first day of every other month, and the surveys remain open for the
whole month. The questionnaires take 20-25 minutes and cover socio-demographic information
as well as a multitude of topics including political attitudes. To incentivize participation, the
participants receive 4 euros for each completed questionnaire plus a yearly bonus of 10 euros
if they completed all surveys in that year, or 5 euros if they completed all but one survey of
the year. The GIP data are publicly available in the GIP data archive at the GESIS-Leibniz
Institute for the Social Sciences.

Our experiment was fielded in March 2021 in wave 52 of the GIP. From the same wave, we
exploit a question which asked the participants how difficult they found the entire questionnaire,
including our experiment. To address the question of how the experimental results relate to
actual public good contributions, we use data on socio-demographics and attitudes towards
environmental protection from several other waves of the GIP.? For the attitudes towards COVID-
19 containment, we additionally exploit a sub-study of the GIP, the Mannheim Corona Study
(MCS). For 16 weeks, from March 20 to July 10, 2020, around 3,600 participants of the GIP
were interviewed about the impacts of the COVID-19 pandemic.? The study contains e.g. socio-
economic aspects of the pandemic, frequency of social interactions, as well as attitudes towards
containment measures. The MCS data are publicly available in the GIP data archive at the
GESIS-Leibniz Institute for the Social Sciences as well.

3.2 Implementation of the Experiment

We implemented the experiment using five survey questions. In the GIP, participants are not used

to incentivized economic experiments like ours. Therefore, we deliberately refrained from using

%For details on the GIP methodology, see Blom et al. (2015, 2016, 2017); Herzing and Blom (2019) and Cornesse
et al. (2020).

3A detailed overview of the additional data used, including how variables were constructed, and a list of all
questions used, can be found in appendix D.

“For details on the MCS methodology, see Blom et al. (2020a).



standard elements of public good experiments, such as elicitation of conditional contributions or
repetition of the VCM over several rounds. Instead, we simplified the game to a one-shot decision
that can be captured in a single survey question. Moreover, we adapted the instructions to be
understandable for members of the general population,” who might be less able than students in
the laboratory to deal with numbers and in particular with probabilities. Therefore, we presented
all probabilities in terms of frequencies.® To reduce cognitive costs and avoid any non-Bayesian
updating, we provided the correct Bayesian posterior beliefs to those participants who acquired
information.

For the random allocation into treatments, we proceeded as follows: 25% of the participants
were randomly selected to be in the no info treatment, and 75% of the participants were randomly
selected to be in the info treatment.” Within each of these two treatments, one-third of the
participants was randomly allocated to each prior p € {0.25,0.5,0.75}. Within the groups for each
prior belief, we randomly allocated the high MPCR to a share of the participants corresponding
to u, and the low MPCR to a share of 1 — . For the information revelation, we proceeded
as follows: 50% of the participants were randomly allocated to the signal high and 50% were
randomly allocated to signal the low. This variable then decided which signal the chosen source
would reveal in the cases where the revelation of the true MCPR is possible, i.e. if the MPCR
allocated to the participant is high and she acquires the signal o, or if the MPCR allocated to
the participant is low and she acquires the signal oy.

To incentivize the experiment, we paid out the payoffs from the game to 50 randomly selected
groups of 4 participants each, i.e. to 200 participants in total. With an endowment of 10 euros
(around 12 USD at the time the survey was fielded), it was possible to earn up to 25 euros
depending on the MPCR and on the other group members’ decisions. Compared to the payment
of 4 euros for a completed questionnaire, or the German minimum hourly wage of 9.50 euros
in 2021, both the endowment and the potential payoff of the experiment were quite sizable.
On average, the participants who were randomly selected for payment earned 12.62 euros. The
lowest payment was 1.70 euros, while the highest payment was 24.50 euro.

Our questionnaire contained the following parts:® First, the participants were informed about
the payment procedure. Second, we explained the VCM. We told the participants that they would
receive 10 euros on a virtual account and that they could decide how much of this amount to
invest in a group project and how much to keep on their virtual account. To reduce the level
of abstraction, we called the group project a "gold" project if the MPCR was wp = 0.5, and a
"silver" project if the MPCR was w; = 0.1. We also provided an example of how to calculate the
return from the group project in each case. Those in the info treatment were informed that they

would later have the opportunity to potentially find out the true type of the group project.

SWe also used abstract framing, neutral language and avoided possibly loaded words like "public good" or
"bias", to be able to study the participants’ underlying preferences without an associated context. A common
problem in an online survey is that the participants might not be willing to read lengthy or complicated instructions
so that we made an effort to reduce the instructions to a minimum.

5Note that since the participants are randomly split into groups of pre-determined size to allocate them into the
treatments, the representation in terms of frequencies is mathematically correct and does not constitute deception.

"We chose to have a larger number of participants in the info treatment to have a sufficiently large number of
observations for each posterior belief.

8 An overview of the experimental stages, screenshots of the instructions and questions in German, as well as
the English translations, can be found in Appendix E.



Then, those in the no info treatment directly proceeded to the contribution stage, while those
in the info treatment were informed about the information revelation process. To again reduce the
level of abstraction and increase plausibility, we presented them with four envelopes, as inspired
by the design by Spiekermann and Weiss (2016). Two of the envelopes were gold, corresponding
to the H-biased source, and two envelopes were silver, corresponding to the L-biased source. We
told the participants that exactly one of them contained the correct information about the true
type of the project, and carefully explained the interpretation of the envelopes. We also informed
the participants that they would receive an exact explanation of how certain they can be about
the type of their project if they choose to acquire information. Then, the participants answered a
comprehension question about the interpretation of the content of the envelopes and afterwards,
they made their information acquisition decision. They could choose between opening one of the
four envelopes or indicating that they do not want to open any envelope. Depending on what
they chose, we asked them for their minimum willingness to pay for the envelope they chose, or
for their minimum willingness to accept to open an envelope if they chose not to. As the other
parts of the experiment were already complex, we decided not to incentivize this question, but
to ask it hypothetically.

Then, at the contribution stage, those in the info treatment received the information about
the content of the envelope and the correct Bayesian posterior.? All participants were then asked
to decide which amount between 0 and 10 euros they wanted to invest in the group project.

After the contribution decision, we elicited potential contribution types in a multiple-choice
question by asking about the motives for the contribution decision. For the answer options, we
follow the literature which finds that most participants in public good games are either free-riders,
unconditional cooperators, or conditional cooperators (Fischbacher et al., 2001; Fischbacher and
Géchter, 2010): Participants could indicate that they wanted to maximize their own payoff,
maximize the payoff of the entire group, or that they wanted to contribute neither more nor less

than other group members. We also included the option to indicate that they had other reasons.

4 Results

In total, 4,374 participants took part in GIP wave 52. Of those participants, 100 broke off the
survey and several others decided not to take part in our experiment or completed only part of it.
We dropped all participants who skipped the question on information acquisition or the question
on the public good contribution, resulting in an overall sample size of 4,187 participants. In this
sample, the average age is around 52 years, 48% of the participants are female, and 34% have
an academic education, i.e. a Bachelor’s degree or higher.

We now present the results of our experiment in terms of descriptive statistics. Then, we
perform a regression analysis that shows how the contribution types elicited in our questionnaire
affect information acquisition decisions, and how strategic information acquisition, in turn, affects
voluntary contributions. Finally, we corroborate the findings from our experiment by investigat-

ing whether the information acquisition and contribution decisions in the experiment correlate

90Once the participants reached the contribution stage, it was not possible to go back to the information stage,
making it impossible to open more than one envelope.
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with the willingness to voluntarily contribute to two real-world public goods: environmental
protection, and the containment of the COVID-19 pandemic.

4.1 Descriptive Results
Selective Exposure

Most participants in the info treatment (87%) choose to acquire a signal from either of the
two sources, while only a small share (13%) chooses not to acquire any information. Among
those participants who do acquire information, a majority of 65% chooses signal o7,. A binomial
test rejects the Null Hypothesis that participants are equally likely to choose o and o, (p <
0.0001).1° The finding that o, is the most frequent information acquisition choice is in line with
the results of Spiekermann and Weiss (2016), whose experiment exploits the same information
revelation process as ours. Between the three different prior beliefs, the signal choices do not

differ significantly (figure 1).

60%

40%
Signal choice
o om
o o
. none

20%

Relative frequency of signal choices

25% 50% 75%
Prior belief

Figure 1: Information acquisition choices for the different prior beliefs. Error bars represent 95% confidence
intervals.

Among the participants who acquired signal oy, the average willingness to pay for this signal
is 4.12 euros, which is significantly higher than the average willingness to pay for signal o7, of
3.51 euros among the participants who acquired this signal (Wilcoxon rank sum test, p < 0.0001).
Among the participants who did not acquire information, the average willingness to accept to
acquire signal op is 3.83 euros, which however is not significantly different from the average
willingness to accept to acquire signal o, of 3.32 euros (Wilcoxon rank sum test, p = 0.11). For
both signal oy and signal o, the willingness to pay is significantly different from the willingness
to accept (Wilcoxon rank sum test, p = 0.0048 and p = 0.0021, respectively). These questions
however were not incentivized, and therefore capture only hypothetical willingness to pay and

willingness to accept.

10 A1l statistical tests reported are two-sided.
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To analyze how the information acquisition choices affect the voluntary contributions com-
pared to those in the no info treatment, it is important to consider how the signal choice affects
posterior beliefs. The selective choice of signal oy, causes the beliefs of most (41%) of the partic-
ipants in the info treatment to decline. Only 8% of the participants reveal that the true MPCR
of the public good is low with certainty, while 15% reveal that the true MPCR is high with

certainty. Figure 2 shows the changes in the posterior beliefs by prior.

50%

N
o
X

Posterior belief

30% I 100%

. increased
. reduced

20%

unchanged

10%

Relative frequency of posterior beliefs

0%

25% 50% 75%
Prior belief

Figure 2: Changes in the posterior beliefs in the info treatment for each prior belief. An increase in the belief
comes from the choice of signal o and results in posterior beliefs u7 € {0.4,0.67,0.86}. A reduction
in the belief comes from the choice of signal o and results in posterior beliefs 7, € {0.14,0.33,0.6}.
"Unchanged" means that the participants did not acquire information, such that their posterior belief
is equal to their prior belief.

Voluntary Contributions

At the contribution stage, we are interested in how the information treatment affects three
main features of the distribution of the voluntary contributions to the public good: average
contributions, the share of free-riders who contribute zero, and the share of participants who
contribute their entire endowment.

In the no info treatment, participants contribute on average 6.94 euros to the public good.
The info treatment significantly reduces the average contributions to 6.13 euros (Wilcoxon rank
sum test, p < 0.0001), which corresponds to a reduction by 8.1% of the endowment. Average
contributions do not differ significantly between prior beliefs (figure 3).

Figure 4 displays the distribution of voluntary contributions to the public good in the two
treatments. In both treatments, the most frequently chosen contribution levels are at 10 euros,
which is the whole endowment, and at 5 euros, which is half of the endowment. Comparing
the distribution of contributions in the no info to the info treatment, we observe a shift of the
distribution to the left, resulting in lower contribution levels being chosen more frequently. In

particular, only 6% of the participants contribute zero in the no info treatment, while this share
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Figure 3: Average contributions to the public good in the two treatments, for each prior belief. Error bars
represent 95% confidence intervals.

30%

20% Treatment
. info
I:' no info
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Figure 4: The distribution of contributions to the public good in the two treatments.

increases to 9% in the info treatment, which is a significant difference (two-proportions z-test,
p =0.0066). At the same time, the share of participants who contribute their entire endowment of
10 euros significantly decreases from 35% in the no info treatment to 29% in the info treatment
(two-proportions z-test, p = 0.0003).

Comparing our results for the voluntary contributions to results from the literature on public
good experiments, we find that our sample from the general population seems to be more generous

than the typical sample of students in the laboratory.!' Although we introduce uncertainty about

"Fischbacher et al. (2001) for example find that participants on average contribute about 33% of their endow-
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Figure 5: Contribution decisions by the three main contribution motives: (a) displays average contributions, (b)
displays the relative frequency of zero contributions, (c) displays the relative frequency of full contri-
butions of the whole endowment. "Own payoff" means that the participants indicated that they are
only interested in maximizing their own payoff. "Group payoff" means that the participants indicated
that they are only interested in maximizing the payoff of their entire group. "Reciprocity" means that
the participants indicated that they are only interested in contributing neither more nor less than other
group members. Error bars represent 95% confidence intervals.

the MPCR of the public good as well as the possibility that contributing zero is socially desirable,
we observe only a comparably small share of participants who do not contribute.
Concerning the motives behind their contribution decision, the large majority of participants

indicated exactly one motive only:'? 12% want to maximize their own payoff, 45% want to

ment, while our participants contribute more than 60%. Moreover, they observe that about 30% of all participants
are free-riders who contribute zero independent of others’ contributions.

12\When we designed the question which elicits potential contribution types by asking for the motives behind
the contribution decision, we were interested in whether participants might have conflicting interests, in particular
between the selfish interests and the social interests when the MPCR of the public good is high. Therefore, we
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maximize the payoff of the entire group, 21% want to contribute neither more nor less than other
group members, and 13% had "other reasons".'®> Among the 8% who indicated more than one
of the three main motives, the combination of maximizing the own payoff and maximizing the
group payoff is the most frequent one.

Because most participants exclusively chose one of the three main motives — maximizing their
own payoff, maximizing the group payoff, or contributing neither more nor less than other group
members — we will focus on these three groups in the further analysis.!* Figure 5 shows how
the contribution decisions differ by contribution motive. In line with the theoretical predictions,
those who indicate that they are interested in maximizing the group payoff contribute the largest
amount on average (figure 5). They are also least likely to contribute zero (figure 5b) and most

likely to contribute the entire endowment (figure 5c¢).
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0.2
>
[8)
fe
(0]
S
=
@ 0.1
-
[e]
4
o True MPCR
(0]
e .
= High
< . g
S oo B Low
2
=
()
c
Q
£
(]
o
F 0.1

25% 50% 75%
Prior Belief

Figure 6: The treatment effect on the average level of efficiency is the difference between the average level of
efficiency in the info treatment and the average level of efficiency in the no info treatment. If the true
MPCR is high, it is socially efficient to contribute the entire endowment to the public good. If the
true MPCR is low, it is socially efficient to contribute nothing. Error bars represent 95% confidence
intervals.

Finally, we are interested in how the information treatment affects the level of efficiency of

contributions — which in turn affects social welfare. Recall that, if the true MPCR is high, i.e.

used a multiple-choice instead of a single choice question.

13We included an open answer field for those who had "other reasons", to allow them to explain their contri-
bution decision. Many participants indicate risk-averse behavior (not investing because of the uncertainty about
the returns) or risk-seeking behavior (investing the entire endowment to gamble) or a tendency to evenly split
the money between the private and public account, which might explain the high share of investments of 5 euros.
Some participants also mention that they contribute for altruistic reasons. However, for the majority, the open
answers indicated confusion and lack of comprehension. Therefore, we will not focus on the category of "other
reasons" in the further analysis.

1n the following analysis, we interpret the motive "contributing neither more nor less than other group
members" as reciprocity concerns, in the sense of conditional cooperation.
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wp, = 0.5, it is socially efficient to contribute the entire endowment to the public good. If the true
MPCR however islow, i.e. w; = 0.1, it is socially efficient to contribute nothing. Therefore, define

the level of efficiency of a contribution as

-9

1
E(givw): g ?0
5 i w=wp

if w=w

where E € [0,1]. We find that while the average level of efficiency is 0.51 in the no info
treatment, it is 0.54 in the info treatment, where the difference is significantly different from
zero (Wilcoxon rank sum test, p = 0.0157). This finding is surprising because we have seen that
the information treatment reduces contributions. However, a reduction in contributions can only
increase efficiency if the MPCR is low. Otherwise, it harms efficiency. Figure 6 shows that the
treatment effect on efficiency is indeed only positive for those participants whose true MPCR is
low. For those participants whose true MPCR is high, the treatment effect for prior beliefs of
@ =0.25 and p = 0.75 is not significantly different from zero, but it is significant and negative for

a prior belief of p =0.5.

The effect of the information treatment on the level of efficiency of contributions has an
immediate effect on social welfare. To calculate payoffs, we randomly partition the participants
that share the same state of the world — i.e. the same true MPCR, the same prior, and the same

15 We then calculated the individual payoffs (equation 1) and

treatment — into groups of four.
social welfare, which is given by the sum of the payoffs of the four group members. To compare
social welfare between treatments, we consider average social welfare across groups. We find
that for those groups whose true MPCR is low, the increase in efficiency implies an increase in
average social welfare ranging from 10% (u = 0.25) to 12.4% (u = 0.5). For those groups whose
true MPCR is high, the reduction in efficiency implies a reduction in average social welfare

ranging from 2% (u =0.75) to 5.3% (= 0.5).

4.2 Regression Analysis

We are interested in two main questions about the interplay of selective exposure and voluntary
contributions in our experiment. First, how do contribution types affect information acquisition
decisions? And second, how does strategic information acquisition affect voluntary contributions
in the info treatment compared to the no info treatment? We address these using regression

analysis.

Selective Exposure

The information acquisition decision consists of two separate decisions: First, each participant
has to decide whether she wants to acquire a signal or not. Second, only if she decides to acquire

information, she has to choose between oy and o7,. Therefore, we estimate two probit regressions

151f the number of participants within a state of the world was not divisible by four, at most one group had
less than four members. For this group, it was of course impossible to calculate payoffs.
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Table 1: Probit model for the decision to acquire information.

Dependent variable:

acquired information

probit
1 (2) (3) (4)
prior = 0.25 -0.018 -0.012 -0.011 -0.012
(0.015) (0.014) (0.014) (0.014)
prior = 0.75 -0.011 -0.012 -0.007 —-0.008
(0.015) (0.014) (0.014) (0.014)
own payoff -0.033* -0.029* -0.028
(0.017) (0.017) (0.017)
reciprocity -0.131*** -0.095"** -0.094***
(0.017) (0.015) (0.016)
Constant - - - -
Further motives No Yes Yes Yes
Comprehension No No Yes Yes
Difficulty No No No Yes
Observations 3,127 3,111 3,111 3,100
Log Likelihood -1,216.005 -1,122.230 -1,023.089 -1,018.124
Note: *p<0.1; **p<0.05; ***p<0.01

All columns report marginal effects, with robust standard errors in parentheses. The sample is the subsample of
those in the info treatment. The dependent variable acquired information is a binary indicator variable which
takes the value 1 if the participant chose to acquire either of the two signals, and the value 0 if the participant
did not acquire any signal. Prior is a categorical variable with 0.5 as the omitted reference category. Own payoff,
reciprocity and further motives belong to the same categorical variable which captures the motives behind the
contribution decision, with group payoff as the omitted reference category. The control variable comprehension
captures whether the participant answered the comprehension question correctly, and difficulty captures the
perceived difficulty of the entire questionnaire. The number of observations in columns 2 — 4 is reduced because
some participants did not answer the question about the contribution motives or the question about the difficulty
of the questionnaire.

that model these two decisions separately.'¢

Table 1 presents the probit estimates of the marginal effects of priors and contribution motives
on the decision whether to acquire information or not. Table 2 presents the effects on the decision
whether to signal oy or signal o, among those who acquired information.

The tables highlight two main results. First, compared to those who indicated that they are
interested in maximizing the payoff of their entire group, those who are care about reciprocity
are less likely to acquire information. Second, again compared to those who indicated that they
are interested in maximizing the payoff of their entire group, those who are care about their own
payoff are more likely to acquire signal oy. Both effects remain significant at the 1% level when
controlling for the comprehension of the experiment. Priors however affect neither information
acquisition decision in a statistically significant manner.

We conduct several robustness checks to ensure that the effects are not driven by potential

16 An alternative approach is to model the overall decision problem between the three options of acquiring no
signal, acquiring og, or acquiring o, using multinomial logit regression. The results of the multinomial logit
regression are similar to the findings of the two separate probit regressions in terms of direction and significance
of the coefficients (appendix table A.10).
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Table 2: Probit model for the decision to acquire signal o among those who acquire information.

Dependent variable:

acquired oy

probit
1 (2) (3) (4)
prior = 0.25 -0.018 -0.016 -0.018 -0.019
(0.023) (0.023) (0.022) (0.022)
prior = 0.75 -0.024 -0.023 -0.028 -0.030
(0.022) (0.022) (0.022) (0.022)
own payoff 0.084*** 0.087*** 0.092°**
(0.030) (0.029) (0.029)
reciprocity 0.045% 0.027 0.032
(0.025) (0.025) (0.025)
Constant
Further motives No Yes Yes Yes
Comprehension No No Yes Yes
Difficulty No No No Yes
Observations 2,716 2,707 2,707 2,697
Log Likelihood -1,761.147 —-1,747.780 -1,699.499 -1,685.868
Note: *p<0.1; **p<0.05; ***p<0.01

All columns report marginal effects, with robust standard errors in parentheses. The sample is the subsample of
those who acquired information. The dependent variable is a binary indicator variable which takes the value 1 if
the participant acquired signal o, and the value 0 if the participant acquired signal or. Prior is a categorical
variable with 0.5 as the omitted reference category. Own payoff, reciprocity and further motives belong to the
same categorical variable which captures the motives behind the contribution decision, with group payoff as the
omitted reference category. The control variable comprehension captures whether the participant answered the
comprehension question correctly, and difficulty captures the perceived difficulty of the entire questionnaire. The
number of observations in columns 2 — 4 is reduced because some participants did not answer the question about
the contribution motives or the question about the difficulty of the questionnaire.
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comprehension problems. First, we re-run the regressions on the subsample of those participants
who indicated that they did not find the questionnaire difficult. Second, we use the response
times contained in the “paradata”’ of the survey, which capture the time a participant spent
on each question page including the instructions. We drop the top 10% and the bottom 10%
with respect to the time spent on the instructions for the public good game. Third, we use the
subsample of those who answered the comprehension question about the information revelation
process correctly. All tables for these robustness checks can be found in appendix B. The two

main findings are robust to these modifications.

Voluntary Contributions

To analyze how strategic information acquisition affects voluntary contributions in the info treat-
ment compared to the no info treatment, we performed several regressions with the signal choices
as well as the revealed information as explanatory variables.

As we have seen in figure 4, the distribution of contributions displays two pileups at the
endpoints, i.e. at g; = 0 and g; = 10, with a roughly continuous distribution in between. Therefore,
we are interested in three main features of the distribution of contributions: the probability of
contributing zero, the probability of contributing the entire endowment, and the average level of
contributions for those who contribute 0 < g; < 10. We use a three-part model to model these
three features of the distribution separately. This model provides the highest possible flexibility
by allowing separate mechanisms to determine the three decisions of interest.!”

Table 3 summarizes the three-part model.!® We first use a probit regression to model the
decision to contribute zero (columns 1 — 3). Then we use a truncated normal model for the
contribution level on the subsample of participants who contribute 0 < g; < 10, with zero and full
contributions truncated. The truncated model takes into account that there are no observations
with g; < 0 or g; > 10 in the subsample. We then use another probit regression to model the

decision to contribute the entire endowment.

17 Alternative models potentially suitable for our type of data include the two-limit Tobit model (appendix
table A.13) which takes into account the pileups at the endpoints but does not allow for separate mechanisms to
determine the different decisions. Another alternative is the two-part hurdle model (appendix tables A.11 and
A.12) which models only the participation decision separately from the amount decision, but it does not consider
the decision to contribute the entire endowment. Our main results are robust to using these alternative models.
Comparing the values of the log-Likelihood function reveals that the three-part model reported in this section
provides the best model fit. Details about the model selection process can be found in the appendix section A.3.

8The full regression tables, including the coefficients for the contribution motives and difficulty, are in the
appendix section A.1.
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Table 3: Three-Part Model for Contributions.

Dependent variable:

zero contribution contributions full contribution
probit Tobit probit
(1) (2) 3 | (4) (5) 6 | (M) (8) (9)
info 0.026*** —-0.648"** -0.061***
(0.009) (0.083) (0.017)
prior = 0.25 0.029*** 0.019** 0.018** 0.030 0.098 0.150* -0.012 —-0.0001 0.010
(0.010) (0.009) (0.009) (0.094) (0.089) (0.089) (0.017) (0.017) (0.017)
prior = 0.75 0.018~ 0.013 0.016™ 0.145 0.168" 0.120 0.031% 0.033** 0.021
(0.010) (0.009) (0.009) (0.094) (0.088) (0.088) (0.018) (0.017) (0.017)
acquired signal oy -0.001 -0.476""* -0.011
(0.010) (0.102) (0.020)
acquired signal or, -0.003 -0.619** -0.048"**
(0.009) (0.088) (0.017)
no signal acquired 0.164*** 0.165*** -0.969"** -0.975*** -0.021 -0.025
(0.019) (0.019) (0.160) (0.160) (0.028) (0.028)
posterior = 1 -0.009 -0.018 0.073***
(0.013) (0.142) (0.025)
posterior = 0 0.042** -0.832"** -0.038
(0.018) (0.183) (0.032)
posterior increased -0.019* -0.354""* -0.003
(0.010) (0.109) (0.022)
posterior reduced -0.001 -0.771%"* -0.097"**
(0.010) (0.092) (0.018)
Constant - - - 5.729*** 6.236"*" 6.232°*" - - -
(0.087) (0.121) (0.121)
Motives No Yes Yes No Yes Yes No Yes Yes
Difficulty No Yes Yes No Yes Yes No Yes Yes
Observations 4,187 4,153 4,153 2,567 2,544 2,544 4,187 4,153 4,153
Log Likelihood -1,141.922 -861.967 -855.206 -5,364.466 -5,155.317 -5,136.760 -2,577.495 —-2,305.045 —2,278.855
Note: *p<0.1; *p<0.05; **p<0.01

Robust standard errors in parentheses. Columns 1 — 3 and 7 — 9 report marginal effects. Zero contribution is a binary indicator variable which takes the value 1 if the participant
did not contribute, and 0 otherwise. Contributions is the level of contributions (in euros) for the subset of participants who contributed an amount g; with 0 < g; < 10. Full
contribution is a binary indicator variable which takes the value 1 if the participant contributed the entire endowment, and 0 otherwise. The probit models in columns 1 — 3
and 7 — 9 are estimated on the entire sample. The truncated normal model in columns 4 — 6 is estimated on the subsample of those who contributed 0 < g; < 10. Prior is a
categorical variable with 0.5 as the omitted reference category. Signal choice and posterior are categorical variables with "no info treatment" as the omitted reference category.
The control variable motives captures the difference contribution motives, and difficulty captures the perceived difficulty of the entire questionnaire. The varying number of
observations is caused by participants who did not answer the question about the contribution motives or the question about the difficulty of the questionnaire.



For each part, we report three different specifications of the explanatory variables. First, we
are interested in the overall effect of the info treatment on the three decisions, compared to the
no info treatment (columns 1, 4, and 7). Second, to gain insight into the mechanisms behind
this treatment effect, we include the signal choices (columns 2, 5, and 8), and the changes in the
posterior beliefs (columns 3, 6, and 9).'Y Because the contribution motives affect both the signal
choice and the contribution decisions, we include them as a control variables. We additionally
control for the perceived difficulty of the questionnaire.

The three-part model highlights several results. Most importantly, the probability of con-
tributing zero is higher in the info treatment than in the no info treatment, while both the
amount contributed among those with 0 < g; < 10 and the probability to contribute the entire
endowment are smaller in the info treatment than in the no info treatment. The increase in
zero contributions in the info treatment is mainly driven by those who did not acquire informa-
tion, whereas the decrease in full contributions is mainly driven by those who acquire signal oy.
Among those who contribute 0 < g; < 10, both those who acquire any signal and those who do
not acquire a signal reduce their contributions compared to those in the no info treatment. The
changes in posterior beliefs mainly affect the contribution decisions in the expected direction.
In particular, obtaining a posterior belief of p7 =1 (i.e. revealing that the true MPCR of the
public good is high) significantly increases the probability of contributing the entire endowment
compared to the no info treatment. Obtaining a posterior belief of u/; = 0 (i.e. revealing that the
true MPCR of the public good is low) significantly increases the probability of contributing zero,
and significantly reduces the amount contributed among those with 0 < g; < 10, compared to the
no info treatment. Only the negative effect of an increased posterior p <y < 1 on the level of
contributions is unexpected. This effect is most likely caused by the selection at the information
stage — because those who acquire signal oy are generally less willing to contribute than those
in the no info treatment.?’

We also estimate the three-part model again on the two subsamples of those who acquired
signal og and those who acquired signal o; separately, using priors and changes in posterior
beliefs as explanatory variables (appendix table A.9). Then, in each subsample, the information
revelation is exogenous and random by construction. The results show that the participants

react in the expected direction when they reveal the true state of the world.

1976 test whether the effects of information on the contribution decisions differs by prior belief, we also estimated
models for all three parts in which we included interactions between prior beliefs and signal choices, or prior beliefs
and posterior beliefs (appendix tables A.3 — A.8). Our main results are robust to including these interaction effects.
In each case, a Likelihood-Ratio test fails to reject the null hypothesis that the more complex model including
the interaction effects fits the data as well as the nested model without the interactions. Therefore, we conclude
that adding the interaction terms does not improve the model so that we focus on the simpler model here.

20 Another potential explanation might be confusion among the participants concerning the information received.
Our robustness checks address this potential problem. First, we re-run the regression analysis using the subsample
of participants who did not find the questionnaire difficult (appendix table B.3). Second, we make use of the
response times contained in the dataset, which capture how much time a respondent spent on each question page,
for a regression where we drop from the sample the bottom 10% and top 10% with respect to the time spent on
the instructions for the public good game (appendix table B.6). In both cases, the sign and significance of the
coefficients remain the same. Therefore, we believe that it is unlikely that our results are driven by confusion or
lack of understanding.
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4.3 Additional Results

The results from our experiment suggest that both the information acquisition decision and the
contribution decision are affected by social preferences. More selfish participants are less likely
to acquire information, and if they do, they are more likely to acquire signal op. They are
also less likely to contribute, and if they do, they contribute less than more socially oriented
participants. We so far draw these conclusions based on the stated preferences elicited in our
final question about the contribution motives, which was specific to the setting of our experiment.
If the behavior in our experiment was driven by underlying social preferences, we should observe
similar behavior in real-world public good contexts as well. To explore this line of thought, we
come back to the two salient examples of public goods with uncertain marginal returns introduced

at the beginning: environmental protection and the containment of the COVID-19 pandemic.

Willingness to Voluntarily Contribute to Environmental Protection

To investigate the relationship between information acquisition and contribution decisions in
our experiment and the willingness to voluntarily contribute to environmental protection, we
exploit three questions that capture the individual, voluntary, and costly contributions in the
most narrow sense. These questions ask whether the participants (i) support a carbon tax, (ii)
changed their lifestyle in the past six months to protect the climate, and (iii) pursued sustainable
activities such as volunteering for an environmental project or buying regional organic products

21 We conduct a Principal Component Analysis (PCA) to condense

in the past six months.
the answers to these three questions into the first standardized principal component, which we
then take as a dependent variable (following Kerschbamer and Miiller, 2020).2? Higher values of
the dependent variable are associated with a higher willingness to contribute to environmental
protection. Table 4 presents the results of the OLS regression, both for the entire sample and
for the subsample of those in the info treatment.??

The regression yields two main results. First, the level of contributions to the public good in
the experiment is positively correlated with the willingness to contribute to environmental pro-
tection. The effect is robust to including including controls for socio-demographic variables and
comprehension of the experiment. Thus, the contribution behavior observed in the experiment
appears to be indicative of actual contributions to a public good, which suggests that our results
concerning contribution behavior might be externally valid.

Second, those who acquired signal oy, are significantly more likely to contribute to environ-
mental protection than those in the no info treatment. Among the participants in the info
treatment, those who acquired signal oy are significantly less likely to contribute to environmen-
tal protection than those who acquired signal o,.

To test that our results do not rely on the selection of the variables, we run two robustness
checks, where we include several other questions (appendix tables A.24 and A.25). Our results

remain robust to using these alternative variable specifications.

218ee appendix D for a detailed description of why these questions were selected and how the variables were
constructed, as well as for an overview of all questions used.

22WWe additionally report the regression results for every single variable in appendix tables A.17 — A.19.

Z3The full table including the coefficients for all control variables is appendix table A.15.
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Table 4: OLS regression for the willingness to voluntarily contribute to environmental protection,
measured by three variables.

Dependent variable:

willingness to contribute to environmental protection

(1) (2) (3) (4) (5)

acquired signal og -0.135"* -0.097 -0.263"** -0.198*** -0.178"**
(0.066) (0.070) (0.061) (0.065) (0.066)
acquired signal o, 0.132** 0.107*
(0.059) (0.062)
no signal acquired 0.014 0.089 -0.136 -0.037 0.004
(0.101) (0.107) (0.097) (0.104) (0.106)
contributions 0.029"** 0.029*** 0.020*" 0.020"* 0.018"
(0.008) (0.009) (0.009) (0.010) (0.010)
Constant -0.2117** -0.691""* -0.023 -0.609"** -0.592"**
(0.072) (0.145) (0.070) (0.169) (0.169)
Difficulty No Yes No Yes Yes
Comprehension No No No No Yes
Controls No Yes No Yes Yes
Info treatment subsample No No Yes Yes Yes
Observations 2,892 2,450 2,154 1,820 1,820
R? 0.011 0.064 0.011 0.069 0.070
Adjusted R? 0.010 0.060 0.009 0.064 0.065
Note: *p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. The dependent variable is the first principle component of three variables
capturing the willingness to contribute to environmental protection: (i) support of a carbon tax, (ii) lifestyle
changes the past six months to protect the climate, and (iii) pursuing sustainable activities in the past six
months. Higher levels of the dependent variable represent higher willingness to contribute to environmental
protection. Columns 1 and 2 present the regression results for the entire sample. The omitted reference category
for information acquisition is "no info treatment". Columns 3 — 5 present the regression results for the subsample
of those in the info treatment. The omitted reference category for information acquisition is "acquired signal or,".
Contributions is the level of contribution to the public good in the experiment, and takes values from 0 to 10 euros.
The control variable difficulty captures the perceived difficulty of the entire questionnaire, and comprehension
captures whether the participant answered the comprehension question correctly. The other control variables
include gender, age, income, and education.
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Willingness to Voluntarily Contribute to COVID-19 Containment

To investigate the relationship between information acquisition and contribution decisions in our
experiment and the willingness to contribute voluntarily to COVID-19 containment, we exploit
four questions about the usage of the corona warning app. The questions ask whether the partic-
ipants are (i) willing to enter test results in the app, (ii) intend to comply with the app’s request
to get tested or (iii) to quarantine, and (iv) whether the app was installed.?* We again conduct
a PCA to condense the answers to these four questions into the first standardized principal com-
ponent, which we then take as a dependent variable.?> Higher values of the dependent variable
are associated with a higher willingness to contribute to COVID-19 containment.

Table 5 presents the results of the OLS regression.?® The two main insights are in line
with the results for environmental protection. First, the regression results show that the level
of contributions in the experiment is positively correlated with the willingness to contribute
to COVID-19 containment, and the effect remains significant at least at the 10% level when
including controls.

Second, those who acquired signal oy, are significantly more likely to contribute to COVID-19
containment than those in the no info treatment, although the effect is not robust to including
controls. Among the participants in the info treatment, those who acquired signal g and those
who did not acquire information are less likely to contribute to COVID-19 containment than
those who acquired signal o, but the coefficients are not significant.

Thus, while the effects go in the same direction as in the regression for environmental pro-
tection, they are less significant in this regression. This could follow from the fact that the two
public goods are very different, and that the willingness and ability to contribute to the public
good are affected by more external factors in the case of COVID-19 than in the case of the
environment. For instance, adopting a more sustainable lifestyle is a personal and free decision
that is arguably unaffected by other circumstances. Compliance with the corona warning app’s
request to go into home quarantine however might be affected by the individual’s circumstances,
e.g. whether they can work from home.

All in all, these findings suggest that our results concerning the contribution behavior in the
experiment can be extended to contributions to actual public goods. Moreover, they corroborate
our result that underlying social preferences affect strategic information acquisition: It appears
that more selfish individuals with a lower willingness to contribute to an actual public good
are indeed selecting the H-biased source, while more socially oriented individuals with a higher

willingness to contribute are selecting the L-biased source.

248ee appendix D for a detailed description of why these questions were selected and how the variables were
constructed, as well as for an overview of all questions used.

Z5We additionally report the regression results for every single variable in appendix tables A.20 — A.23.

26The full table including the coefficients for all control variables is appendix table A.16.
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Table 5: OLS regression for the willingness to voluntarily contribute to COVID-19 containment,
measured by four variables.

Dependent variable:

willingness to contribute to COVID-19 containment

(1) (2) (3) (4) (5)

acquired signal og 0.149 0.080 —-0.058 -0.061 -0.051
(0.107) (0.115) (0.093) (0.100) (0.101)
acquired signal o, 0.205** 0.133
(0.092) (0.097)
no signal acquired 0.117 -0.030 -0.078 -0.165 -0.145
(0.144) (0.152) (0.132) (0.142) (0.147)
contributions 0.038*** 0.021% 0.043*** 0.025% 0.024"
(0.012) (0.013) (0.013) (0.014) (0.014)
Constant -0.374"** -1.928*** -0.201"* -1.803*** -1.794"**
(0.111) (0.224) (0.100) (0.254) (0.255)
Difficulty No Yes No Yes Yes
Comprehension No No No No Yes
Controls No Yes No Yes Yes
Info treatment subsample No No Yes Yes Yes
Observations 2,377 2,080 1,779 1,550 1,550
R? 0.006 0.051 0.007 0.049 0.049
Adjusted R? 0.005 0.046 0.005 0.043 0.043
Note: *p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. The dependent variable is the first principle component of four variables
capturing the willingness to voluntarily contribute to COVID-19 containment via usage of the corona warning
app: (i) willingness to enter test results in the app, (ii) compliance with the app’s request to get tested or
(iii) to quarantine, and (iv) having installed the app. Higher levels of the dependent variable represent higher
willingness to contribute to COVID-19 containment. Columns 1 and 2 present the regression results for the
entire sample. The omitted reference category for information acquisition is "no info treatment". Columns 3 — 5
present the regression results for the subsample of those in the info treatment. The omitted reference category for
information acquisition is "acquired signal o1.". Contributions is the level of contribution to the public good in the
experiment, and takes values from 0 to 10 euros. The control variable difficulty captures the perceived difficulty
of the entire questionnaire, and comprehension captures whether the participant answered the comprehension
question correctly. The other control variables include gender, age, income, and education.
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5 A Theoretical Model

In this section, we offer a potential theoretical explanation for the behavior observed in the
experiment. In particular, we look for a model that can rationalize the fact that a majority of
participants choose to open a silver envelope in our experiment. From our regression analysis
we find that this tendency cannot be explained by participants holding different priors, which is
the prediction of Che and Mierendorff (2019), for instance. In this model individuals gain utility
directly from their own monetary payoff, and — depending on the strength of their efficiency
concerns — also from the payoff of the other group members. Moreover, they may have self-
image concerns: Each individual has a reference point for the optimal contribution, which is a
level of contribution she believes the society expects from her. This conjecture is not new in
the literature (see e.g. Grossman and van der Weele, 2016; Nyborg, 2011). Depending on the
strength of her self-image concerns, the individual loses utility when her contribution does not
match the reference point.

In the info treatment, participants first decide whether to acquire information and what type
of information. Then having information at their disposal, they decide how much to contribute.
Similarly, our model has two stages: information acquisition and contribution. In the following,

we study it using a backward induction logic.

Contribution Stage

Consider the Voluntary Contribution Mechanism described in section 3. Suppose that the MPCR
is w and let § denote a given expected contribution by any other participant. Then the utility

of an individual who contributes an amount g to the public good is:

. . R ¥ .
U(g,9,w) =u(g,g,w) +av(g,g,w)+ B 1(g,9")

where u is the utility from monetary payoff, v is the utility from others’ expected welfare
given all others’ expected contribution ¢ and the individual’s own contribution g, and [ is a loss
function representing self-image concerns. In particular, the utility is decreasing in the difference
between the contribution of individual and what the society expect her to contribute g*. The
parameters «,~ describe the individual’s type: « is the relative importance of social welfare
compared to individual welfare, whereas -y is the relative importance of self-image. Let n be the

total number of participants in a group. We will assume the following functional forms:

u(g,g,w)=e—(1-w)g+(n-1)wg
v(g,9,w) = (n-1)[e+[(n-1)w-1]g+wg]
g.9")=-[9-9" (W]

We abstract from strategic considerations and therefore treat g as exogenous. The reference
point ¢*(u) differs across individuals and is a function of beliefs p. In particular, there are two
types of individuals, L and H, and for each individual there are two possible reference points, g

and g, such that 0 < g <g<e, and
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ifu=0

otherwise

. if p=1 . g
gr(p) = . gu(p) =4 =
otherwise g

Q@ W

In words, each participant of type L feels socially obliged to contribute a higher amount g only
if she is completely certain that it is socially efficient to contribute to the public good. In any
other case, she will contribute g. Instead, each participant of type H feels always contributes the
high amount g unless she is completely certain that it is not socially efficient to contribute to
the public good.

For a given belief u, the expected utility of an individual is given by

E[U(g7g7,u)] = ,UU(gag>wh) + (1 _M)U(gagawl)
=e—[1-(w +plwp—wi))]g+(n-1) (W +p(wn—wr)) g
+a(n-1){e-[1-(n-1) (w +p(wn —wi))] g+ (W + p(wp - w)) g}

7 * 2
—5[9—9 ()]

The derivative of the expected utility with respect to the contribution g; is:

IE[U(g,9,1)]

09 =—[1=(w+plwp —w))]+a(n-1) (W +plwp —w)) =v[g-9" ()] (2)

The optimal contribution is a function of beliefs pu:

g(p) = min {max {g*(u) + % [(1+a(n-1)) (w + plwy —wy)) - 1] ,0} , 10} (3)

Information Acquisition Stage

Consider an individual with a current belief p. If this individual does not acquire any further
information, her belief 1 implies her optimal contribution g(u) which yields an expected utility
E[U(un)] =E[U(g(p), g, )] Let py denote the updated belief after using the H-biased source
and p7 the updated belief after using the L-biased source. If the individual uses the H-biased
source, and receives the signal o = low (i.e. breakthrough news), she updates her belief to
Wy = Pr(w =wplog = low) = 0. If she receives the signal oy = high, she updates her belief to
2
wiy = Pr(w = wploy = high) = i
1+u
with g% > p for all g e (0,1). Therefore, the expected utility from acquiring one unit of

information from the H-biased source is

B (U] = (52) B0 (9.9 10)] + (52 U(9(0).5.0).

Analogously, when she uses the L-biased source and receives the signal o, = high (i.e. break-

through news), she updates her belief to p} = Pr(w = wp|or = high) = 1. If she receives the
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signal oy, = low, she updates her belief to

wr = Pr(w=wplop = low) = L
2-p
with p} < p for all e (0,1). Therefore, the expected utility from acquiring one unit of informa-

tion from the L-biased is

B0, [UGi)] = (1= 5) BIU04). 3001+ & U(9(1).5.1).

Then, compared to not acquiring further information, the expected gain from acquiring
one unit of information from the H-biased source is given by ¢g = Eyp, [U(py)] — U(p) and
the expected gain from acquiring one unit of information from the L-biased source is given by
¢r, = Eo, [U(p;)] = U(p). The comparison of these two expression allows to determine which

information source an individual wants to acquire a signal from.

S)
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Expected benefit from acquiring one unit of information
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Figure 7: Net expected benefit from acquiring one unit of information from either source for type L and parameters
7=05G=5,g=4and g=10.

A selfish individual (i.e. with a = =0) contributes zero independent of her belief pi. There-

fore, updating the belief is meaningless for her such that she is indifferent towards all costless

information. As soon as information acquisition entails at least marginal costs € > 0, she prefers
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to remain uninformed. Hence even a small attention cost is sufficient to rationalize information
avoidance.

When « > 0 but v = 0, an individual cares at least to some extent of the payoff of the other
participants, but does not have any self-image concerns. In that case, the optimal contribution
is a step function: it is either zero or the entire endowment. Whether an individual desires to
contribute the entire endowment depends on her belief about the MPCR. Therefore, there is
scope for belief updating. Whether it is optimal to devote attention to the L-biased source or
to the H-biased source however depends on the prior belief i as well. Thus, such a model would
predict information acquisition choices that vary with the prior belief, as in Che and Mierendorff
(2019) — but this is in contrast with the findings from our experiment.

Once self-image concerns play a role as well, i.e. when o > 0 and v > 0, we can rationalize
our finding that information acquisition choices are independent of prior beliefs, as well as the
finding that choices are affected by social preferences. Figures 7 and 8 display the net expected
gains in expected utility from acquiring one unit of information from each source for increasing
values of the social preferences « for the L-Type and the H-type, respectively, assuming that the

individuals have self-image concerns of intermediate strength.?’
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Figure 8: Net expected benefit from acquiring one unit of information from either source for type H and parameters
7=05g=5,g=4and g=10.

2TThe effects of varying the self-image concerns « on the net gain in expected utility from acquiring one unit of
information is displayed in appendix figure C.1 for the L-type and in appendix figure C.2 for the H-type.
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The figures illustrate two insights: On the one hand, an individual of type L will acquire
information from the L-biased source if her social preferences « are sufficiently large. Figure 7
shows that for the L-type, the expected gains from information from either source are increasing
in her social preference «, making information acquisition more valuable. For low levels of social
preferences, the H-biased source is preferred, but it yields only very low expected gains. Thus,
for sufficiently high information costs, such an individual might prefer not to acquire information.
There exists a threshold of the level of social preferences such that when the social preferences
are sufficiently strong to exceed this threshold, the L-type prefers the L-biased source. On the
other hand, an individual of type H will always acquire information from the H-biased source:
Figure 8 shows that for the H-type, the expected gains from the H-biased source always exceed

the expected gains from the L-biased source.

6 Conclusion

In this paper, we investigate whether strategic information acquisition can harm the provision
of a public good. We find that the majority of participants acquires information that is biased
towards low marginal returns, causing posterior beliefs to decline. Thus, average contributions
decline and free-riding increases compared to the no info treatment. Moreover, we find that social
preferences affect the information acquisition decision, such that more selfish participants are less
likely to acquire information, and if they do so, they are more likely to acquire information that
is biased towards high marginal returns than those who have more social preferences. They do so
because this source might reveal that the marginal returns are low with certainty, thus allowing
them to reduce their contributions.

The fact that participants avoid information that compels them to behave more generously,
while they strategically seek information that justifies selfish behavior has already been docu-
mented in the literature about Dictator games. Observing the same behavior in a public good
game has more far-reaching consequences. Social welfare in the Dictator Game is always equal
to the endowment and therefore unaffected by the participants’ actions. Instead, social welfare
in the public good game depends directly on participants’ actions. Therefore, we find that se-
lective exposure leading to more selfish behavior has a detrimental effect on social welfare when
contributions are required for efficiency.

Embedding our experiment in the GIP allows us to relate the preferences revealed in our
incentivized experiment to self-reported field behavior. Thus, we contribute to the question of
the external validity of experimental results (see e.g. Kerschbamer and Miiller, 2020) and provide
insights that are valuable beyond the abstract setting of our unframed experiment. In particular,
we find robust evidence that the public good contributions in the experiment are correlated with
the willingness to contribute to two actual public goods: environmental protection and COVID-19
containment. We also find that those who select different information sources in our experiment
also differ in their willingness to contribute to environmental protection, which suggests that
underlying social preferences indeed affect the information acquisition behavior.

All in all, our results show that more information is not always better. Compared to the case

where no further information is available, strategic information acquisition can harm efficiency
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and social welfare. Therefore, a policymaker concerned with the provision of a public good
that requires citizens’ investments, such as the improvement of environmental quality or the
containment of a virus, should take the information environment into account. Media diversity
can be exploited by citizens to lower their contributions to a public good without suffering
a loss in terms of their self-image. This leaves an open question for future research: How
can desirable collective outcomes, such as the provision of a public good, be reached despite
strategic information acquisition? Moreover, it might be the case that a policymaker is more
informed about the actual state of the world than the citizens — e.g. because she is directly in
contact with scientists — and that she might want to persuade citizens of her belief. How can she
credibly convey her information, when other information sources might make different, unreliable
claims? This question is especially relevant during times of low trust in governments and general

skepticism towards science.
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A Additional Regression Tables

First, we provide the full regression tables that correspond to the shortened versions in section
4.2. Tables A.1 and A.2 report the marginal effects of the probit regressions for the information
stage. Tables A.3, A.5 and A.7 report the coefficients for the three-part model where the signal
choice is the main explanatory variable, including a specification with interaction effects. Tables
A4, A.6 and A.8 report the coefficients for the three-part model where the posterior belief is the
main explanatory variable, including a specification with interaction effects. Table A.9 shows
the three-part model estimated separately on the subsets of those who acquired signal o and
those who acquired signal oy,.

Then we present alternative model specifications. Table A.10 reports the results of a multino-
mial logistic regression for the information acquisition decision. Table A.11 and table A.12 form
a two-part hurdle model for the contribution decision. The probit regression in table A.11 mod-
els the participation decision, i.e. the decision whether to contribute zero or a positive amount.
The censored regression in table A.12 models the amount decision among those who decide to
contribute, i.e. those with 0 < g; < 10. Table A.13 presents a two-limit Tobit model for the con-
tribution decision, which is a censored regression on the complete sample that takes into account
that contributions cannot be below 0 or above 10.

In section A.3, we explain how we selected the model for the contribution decision among
the three possible models.

Finally we provide the additional regression tables for section 4.3. Tables A.15 and A.16 are
the full tables corresponding to the shortened versions in section 4.3. Tables A.17 — A.23 present
the regression results for the single variables employed in our main specifications separately.
Tables A.24 and A.25 present the regression results for alternative specifications, in which further

variables that capture willingness to contribute to environmental protection are added.

36



A.1 Regression Tables: Experimental Results

Table A.1: Probit model for the decision to acquire information.

Dependent variable:

acquired information

probit
1) (2) 3) (4)
prior = 0.25 -0.018 -0.012 -0.011 -0.012
(0.015) (0.014) (0.014) (0.014)
prior = 0.75 -0.011 -0.012 -0.007 -0.008
(0.015) (0.014) (0.014) (0.014)
own payoff -0.033* -0.029" -0.028
(0.017) (0.017) (0.017)
reciprocity -0.131*** -0.095*** -0.094***
(0.017) (0.015) (0.016)
own payoff and group payoff 0.070*** 0.070*** 0.070***
(0.010) (0.015) (0.015)
own payoff and reciprocity 0.009 0.027 0.025
(0.070) (0.060) (0.062)
group payoff and reciprocity -0.129"* -0.134" -0.134**
(0.063) (0.061) (0.062)
own payoff, reciprocity, and group payoff 0.076*** 0.084*** 0.084***
(0.007) (0.008) (0.008)
other motives -0.165"*" -0.141*** -0.141***
(0.022) (0.019) (0.019)
no comprehension -0.158*** -0.156"**
(0.011) (0.011)
difficulty — 2 ~0.001
(0.018)
difficulty = 3 -0.001
(0.017)
difficulty = 4 -0.038
(0.024)
Constant - - - -
Observations 3,127 3,111 3,111 3,100
Log Likelihood -1,216.005 -1,122.230 -1,023.089 -1,018.124
Note: *p<0.1; **p<0.05; ***p<0.01

All columns report marginal effects, with robust standard errors in parentheses. The sample is the subsample of
those in the info treatment. The dependent variable acquired information is a binary indicator variable which
takes the value 1 if the participant chose to acquire either of the two signals, and the value 0 if the participant
did not acquire any signal. Prior is a categorical variable with 0.5 as the reference category. The omitted
reference category of the categorical variable capturing contribution motives is group payoff. The control variable
comprehension captures whether the participant answered the comprehension question correctly, and difficulty
captures the perceived difficulty of the entire questionnaire. The number of observations in columns 2 — 4 is
reduced because some participants did not answer the question about the contribution motives or the question
about the difficulty of the questionnaire.
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Table A.2: Probit model for the decision to acquire signal o among those who acquire infor-
mation.

Dependent variable:

acquired signal oy

probit
(1) (2) ®3) (4)
prior = 0.25 -0.018 -0.016 -0.018 -0.019
(0.023) (0.023) (0.022) (0.022)
prior = 0.75 -0.024 -0.023 -0.028 -0.030
(0.022) (0.022) (0.022) (0.022)
own payoff 0.084*** 0.087*** 0.092°**
(0.030) (0.029) (0.029)
reciprocity 0.045% 0.027 0.032
(0.025) (0.025) (0.025)
own payoff and group payoff 0.015 0.046 0.044
(0.041) (0.041) (0.040)
own payoff and reciprocity -0.051 -0.070 -0.068
(0.132) (0.119) (0.119)
group payoff and reciprocity 0.033 0.052 0.056
(0.085) (0.090) (0.090)
own payoff, reciprocity, and group payoff -0.114 —-0.085 -0.071
(0.105) (0.111) (0.111)
other motives -0.038 -0.036 -0.036
(0.028) (0.028) (0.028)
no comprehension 0.184*** 0.189***
(0.018) (0.018)
difficulty = 2 —-0.006
(0.028)
difficulty = 3 -0.067**
(0.028)
difficulty = 4 -0.078""
(0.037)
Constant - - - -
Observations 2,716 2,707 2,707 2,697
Log Likelihood ~1,761.147  -1,747.780  -1,699.499  —1,685.868
Note: *p<0.1; **p<0.05; ***p<0.01

All columns report marginal effects, with robust standard errors in parentheses. The sample is the subsample of
those in the info treatment. The dependent variable acquired information is a binary indicator variable which
takes the value 1 if the participant chose to acquire either of the two signals, and the value 0 if the participant
did not acquire any signal. Prior is a categorical variable with 0.5 as the reference category. The omitted
reference category of the categorical variable capturing contribution motives is group payoff. The control variable
comprehension captures whether the participant answered the comprehension question correctly, and difficulty
captures the perceived difficulty of the entire questionnaire. The number of observations in columns 2 — 4 is
reduced because some participants did not answer the question about the contribution motives or the question
about the difficulty of the questionnaire.
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Table A.3: Probit Model for the decision to contribute zero. Signal choice as main explanatory
variable. With interactions.

Dependent variable:

zero contribution

probit
(1) (2) () (4)
info 0.196™**
(0.070)
prior = 0.25 0.200°** 0.199*** 0.170** 0.168
(0.071) (0.074) (0.083) (0.175)
prior = 0.75 0.130* 0.120 0.120 0.167
(0.072) (0.075) (0.084) (0.178)
acquired signal oy -0.024 -0.011 0.034
(0.091) (0.104) (0.183)
acquired signal o, -0.074 -0.031 -0.061
(0.080) (0.093) (0.172)
no signal acquired 1.047°*% 0.971%* 1.037°*%
(0.090) (0.102) (0.189)
own payoff 1.455"** 1.462***
(0.124) (0.124)
reciprocity 1.038"** 1.042***
(0.117) (0.118)
own payoff and group payoff 0.455** 0.457**
(0.230) (0.231)
own payoff and reciprocity -2.956*** -2.997**
(0.708) (0.816)
group payoff and reciprocity 0.029 0.043
(0.442) (0.447)
all reasons —2.647"F —-2.645"""
(0.114) (0.115)
other reasons 1.550%"* 1.550%"F
(0.116) (0.116)
difficulty = 2 -0.139 -0.142
(0.098) (0.098)
difficulty = 3 -0.076 -0.073
(0.099) (0.099)
difficulty = 4 -0.133 -0.133
(0.135) (0.137)
prior = 0.25 * acquired signal oy 0.057
(0.248)
prior = 0.75 * acquired signal o -0.226
(0.261)
prior = 0.25 * acquired signal o, 0.070
(0.224)
prior = 0.75 * acquired signal o, 0.008
(0.233)
prior = 0.25 * no signal acquired -0.146
(0.253)
prior = 0.75 * no signal acquired -0.034
(0.248)
Constant -1.682*** -1.678%** —-2.546™"* -2.564"**
(0.076) (0.077) (0.134) (0.170)
Observations 4,187 4,187 4,153 4,153
Log Likelihood -1,141.922 -1,041.278 -861.967 -860.379
Note: *p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. Zero contribution is a binary indicator variable which takes the value 1
if the participant did not contribute, and 0 otherwise. Prior is a categorical variable with 0.5 as the omitted
reference category. Signal choice is a categorical variable with "no info treatment" as the omitted reference
category.
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Table A.4: Probit Model for the decision to contribute zero. Posterior beliefs as main explanatory
variable. With interactions.

Dependent variable:

zero contribution

probit
1 (2 3) )
info 0.196***
(0.070)
prior = 0.25 0.200*** 0.188** 0.168%* 0.169
(0.071) (0.075) (0.083) (0.175)
prior = 0.75 0.130% 0.157** 0.147* 0.167
(0.072) (0.076) (0.084) (0.178)
posterior = 1 —-0.254** -0.097 -0.277
(0.128) (0.149) (0.308)
posterior = 0 0.366*** 0.343** 0.484**
(0.124) (0.136) (0.220)
posterior increased —-0.242%* -0.224* -0.363
(0.109) (0.127) (0.246)
posterior reduced -0.020 -0.015 -0.016
(0.084) (0.097) (0.179)
no signal acquired 1.047*** 0.970*** 1.036***
(0.090) (0.102) (0.189)
own payoff 1.446*** 1.462%**
(0.126) (0.126)
reciprocity 1.032%** 1.038***
(0.120) (0.120)
own payoff and group payoff 0.476%* 0.478**
(0.232) (0.234)
own payoff and reciprocity —2.980*** —-3.004***
(0.455) (0.795)
group payoff and reciprocity 0.029 0.044
(0.446) (0.451)
all reasons —2.621%%% —-2.633%%*
(0.119) (0.120)
other reasons 1.540*** 1.548***
(0.117) (0.118)
difficulty = 2 -0.131 -0.129
(0.098) (0.098)
difficulty = 3 -0.066 -0.057
(0.099) (0.099)
difficulty = 4 -0.125 -0.120
(0.136) (0.138)
prior = 0.25 * posterior = 1 0.289
(0.424)
prior = 0.75 * posterior = 1 0.209
(0.375)
prior = 0.25 * posterior = 0 —-0.342
(0.309)
prior = 0.75 * posterior = 0 0.004
(0.371)
prior = 0.25 * posterior increased 0.417
(0.317)
prior = 0.75 * posterior increased -0.068
(0.327)
prior = 0.25 * posterior reduced 0.020
(0.231)
prior = 0.75 * posterior reduced -0.034
(0.250)
prior = 0.25 * no signal acquired -0.148
(0.253)
prior = 0.75 * no signal acquired -0.034
(0.248)
Constant -1.682%** —1.687*%* —2.555%*% —2.573%%*
(0.076) (0.077) (0.135) (0.171)
Observations 4,187 4,187 4,153 4,153
Log Likelihood -1,141.922 -1,030.113 -855.206 -851.004
Note: *p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. Zero contribution is a binary indicator variable which takes the value 1
if the participant did not contribute, and 0 otherwiseq’rior is a categorical variable with 0.5 as the omitted
reference category. Posterior is a categorical variable with "no info treatment" as the omitted reference category.



Table A.5: Probit Model for the decision to contribute the entire endowment. Signal choice as
main explanatory variable. With interactions.

Dependent variable:

full contribution

probit
1) (2) 3) (4)
info -0.169***
(0.046)
prior = 0.25 -0.034 -0.030 -0.0002 -0.077
(0.050) (0.050) (0.053) (0.102)
prior = 0.75 0.088* 0.091* 0.105** -0.026
(0.050) (0.050) (0.052) (0.102)
acquired signal og -0.083 -0.034 -0.065
(0.058) (0.062) (0.105)
acquired signal o, -0.174"** -0.153*** -0.313"**
(0.051) (0.054) (0.094)
no signal acquired -0.368"** -0.066 -0.042
(0.079) (0.087) (0.151)
own payoff -0.443*** -0.4417**
(0.067) (0.068)
reciprocity -1.187*** -1.185"**
(0.069) (0.069)
own payoff and group payoff 0.247°** 0.248"**
(0.092) (0.092)
own payoff and reciprocity -4.867* -4.862"**
(0.091) (0.085)
group payoff and reciprocity -0.572*** -0.569"**
(0.183) (0.185)
all reasons —-0.058 —-0.058
(0.274) (0.273)
other reasons -0.608"** -0.608"**
(0.065) (0.065)
difficulty = 2 -0.237*"* -0.238"**
(0.058) (0.058)
difficulty = 3 -0.379*** -0.378%"*
(0.061) (0.061)
difficulty — 4 —0.284%*F  —0.278***
(0.093) (0.093)
prior = 0.25 * acquired signal oy 0.025
(0.151)
prior = 0.75 * acquired signal o 0.065
(0.151)
prior = 0.25 * acquired signal o, 0.174
(0.131)
prior = 0.75 * acquired signal o, 0.301*"
(0.130)
prior = 0.25 * no signal acquired 0.016
(0.212)
prior = 0.75 * no signal acquired -0.084
(0.210)
Constant —-0.393"** -0.395"** 0.112* 0.180™"
(0.049) (0.049) (0.066) (0.083)
Observations 4,187 4,187 4,153 4,153
Log Likelihood _92577.495  —2,571.111  -2.,305.045  -2,301.016
Note: *p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. Full contribution is a binary indicator variable which takes the value 1 if
the participant contributed the entire endowment, and 0 otherwise. Prior is a categorical variable with 0.5 as the
omitted reference category. Posterior is a categorical variable with "no info treatment" as the omitted reference
category.

41



Table A.6: Probit Model for the decision to contribute the entire endowment. Posterior beliefs
as main explanatory variable. With interactions.

Dependent variable:

full contribution

probit
) (2 3) )
info -0.169***
(0.046)
prior = 0.25 -0.034 0.009 0.032 -0.077
(0.050) (0.051) (0.054) (0.101)
prior = 0.75 0.088* 0.043 0.067 -0.027
(0.050) (0.050) (0.053) (0.102)
posterior = 1 0.288*** 0.216*** -0.001
(0.071) (0.074) (0.131)
posterior = 0 -0.192** -0.118 -0.135
(0.094) (0.102) (0.168)
posterior increased -0.047 -0.009 -0.041
(0.063) (0.067) (0.114)
posterior reduced -0.367*** -0.316*** —-0.450***
(0.055) (0.059) (0.103)
no signal acquired -0.368*** -0.077 -0.052
(0.079) (0.087) (0.150)
own payoff —0.427%** —0.428***
(0.068) (0.068)
reciprocity -1.162*** -1.160***
(0.070) (0.070)
own payoff and group payoff 0.221** 0.223**
(0.092) (0.093)
own payoff and reciprocity —4.842**% —4.851%%*
(0.097) (0.098)
group payoff and reciprocity —0.541*** —0.537***
(0.184) (0.186)
all reasons -0.070 —-0.088
(0.267) (0.270)
other reasons —0.590*** —0.591***
(0.065) (0.065)
difficulty = 2 —0.243*** —0.245%**
(0.058) (0.059)
difficulty = 3 —0.373%** —0.373***
(0.061) (0.061)
difficulty = 4 —0.267*** —-0.264***
(0.094) (0.094)
prior = 0.25 * posterior = 1 0.403*
(0.208)
prior = 0.75 * posterior = 1 0.293*
(0.170)
prior = 0.25 * posterior = 0 0.047
(0.228)
prior = 0.75 * posterior = 0 -0.038
(0.294)
prior = 0.25 * posterior increased 0.026
(0.168)
prior = 0.75 * posterior increased 0.065
(0.159)
prior = 0.25 * posterior reduced 0.211
(0.140)
prior = 0.75 * posterior reduced 0.191
(0.146)
prior = 0.25 * no signal acquired 0.015
(0.211)
prior = 0.75 * no signal acquired -0.084
(0.209)
Constant —0.393*** —0.392*** 0.109 0.176**
(0.049) (0.049) (0.066) (0.083)
Observations 4,187 4,187 4,153 4,153
Log Likelihood -2,577.495 —2,527.262 —-2,278.855 -2,275.053
Note: *p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. Full contribution is a binary indicator variable which takes the value 1 if
the participant contributed the entire endowment, and @therwise. Prior is a categorical variable with 0.5 as the
omitted reference category. Posterior is a categorical variable with "no info treatment" as the omitted reference
category.



Table A.7: Truncated normal model on the sample with 0<gi<10. Signal choice as main ex-
planatory variable. With interactions.

Dependent variable:

contributions
Tobit
1) (2) 3) (4)
info -0.648"**
(0.083)
prior = 0.25 0.030 0.038 0.098 -0.007
(0.094) (0.094) (0.089) (0.158)
prior = 0.75 0.145 0.149 0.168" 0.027
(0.094) (0.093) (0.088) (0.158)
acquired signal og -0.477F -0.476*** —-0.497°**
(0.108) (0.102) (0.166)
acquired signal o, -0.645"*" -0.619"** —-0.744"**
(0.091) (0.088) (0.145)
no signal acquired -1.1917** -0.969*** -1.292%**
(0.165) (0.160) (0.282)
own payoff -0.927*** -0.934"**
(0.136) (0.136)
reciprocity -1.451*** -1.459***
(0.086) (0.086)
own payoff and group payoff 0.273 0.269
(0.180) (0.180)
own payoff and reciprocity -1.762*** -1.738"**
(0.540) (0.547)
group payoff and reciprocity -0.293 —-0.286
(0.269) (0.267)
all reasons -1.030"** -1.028"**
(0.304) (0.297)
other reasons -1.005*** -1.012"**
(0.116) (0.116)
difficulty = 2 0.201* 0.214*
(0.114) (0.114)
difficulty = 3 0.029 0.042
(0.116) (0.116)
difficulty = 4 0.014 0.045
(0.161) (0.161)
prior = 0.25 * acquired signal og -0.009
(0.249)
prior = 0.75 * acquired signal o 0.062
(0.241)
prior = 0.25 * acquired signal o, 0.120
(0.209)
prior = 0.75 * acquired signal o, 0.256
(0.208)
prior = 0.25 * no signal acquired 0.706"
(0.385)
prior = 0.75 * no signal acquired 0.197
(0.387)
Constant 5.729*** 5.725%** 6.236"*" 6.310"**
(0.087) (0.087) (0.121) (0.143)
Observations 2,567 2,067 2,544 2,544
Log Likelihood -5,364.466 -5,354.735 -5,155.317 -5,152.238
Note: *p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. The sample is the subsample of those who contributed 0 < g; < 10. The
dependent variable is the contribution level. Signal choice is a categorical variable with "no info treatment" as
the omitted reference category .
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Table A.8: Truncated normal model on the sample with 0<gi<10. Posterior beliefs as main

explanatory variable. With interactions.

Dependent variable:

contributions
Tobit
1) (2 3) )
info —0.648***
(0.083)
prior = 0.25 0.030 0.106 0.150* -0.009
(0.094) (0.093) (0.089) (0.158)
prior = 0.75 0.145 0.089 0.120 0.028
(0.094) (0.093) (0.088) (0.158)
posterior = 1 0.131 -0.018 -0.156
(0.148) (0.142) (0.230)
posterior = 0 —0.884*** —0.832%** —0.825%**
(0.185) (0.183) (0.274)
posterior increased —0.342%** —0.354%** -0.379**
(0.117) (0.109) (0.179)
posterior reduced —0.842*** —0.771%** —0.899***
(0.095) (0.092) (0.151)
no signal acquired —1.193*** -0.975*** -1.291***
(0.165) (0.160) (0.282)
own payoff —0.894*** -0.902***
(0.135) (0.134)
reciprocity —1.413%*% —1.422%%*
(0.087) (0.087)
own payoff and group payoff 0.266 0.255
(0.176) (0.176)
own payoff and reciprocity —1.678*** —1.674%**
(0.558) (0.560)
group payoff and reciprocity -0.250 -0.250
(0.263) (0.264)
all reasons —0.989*** —-1.023***
(0.296) (0.296)
other reasons —0.958*** -0.963***
(0.116) (0.115)
difficulty = 2 0.172 0.180
(0.113) (0.113)
difficulty = 3 0.008 0.009
(0.115) (0.114)
difficulty = 4 —-0.004 0.019
(0.159) (0.159)
prior = 0.25 * posterior = 1 0.676
(0.413)
prior = 0.75 * posterior = 1 0.047
(0.310)
prior = 0.25 * posterior = 0 0.228
(0.394)
prior = 0.75 * posterior = 0 -0.674
(0.519)
prior = 0.25 * posterior increased -0.070
(0.274)
prior = 0.75 * posterior increased 0.103
(0.252)
prior = 0.25 * posterior reduced 0.173
(0.215)
prior = 0.75 * posterior reduced 0.238
(0.222)
prior = 0.25 * no signal acquired 0.698*
(0.385)
prior = 0.75 * no signal acquired 0.194
(0.387)
Constant 5.729*** 5.722%%* 6.232%%* 6.316***
(0.087) (0.087) (0.121) (0.142)
Observations 2,567 2,567 2,544 2,544
Log Likelihood -5,364.466 —-5,327.867 -5,136.760 -5,130.249

Note:

*p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. The sample is the subsample of those who contributed 0 < g; < 10. The
dependent variable is the contribution level. Posterior/ig a categorical variable with "no info treatment" as the

omitted reference category .
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Table A.9: Separate three-Part Models for those who acquired signal o or signal or,.

acquired signal oz

acquired signal oy,

zero _contribution contributions full contribution ‘ zero_contribution  contributions full contribution
probit Tobit probit ‘ probit Tobit probit
1) 2 3) \ ) (5) (6)
prior = 0.25 0.022 0.031 -0.008 0.019” 0.200 0.054**
(0.017) (0.193) (0.036) (0.012) (0.137) (0.025)
prior = 0.75 0.004 -0.014 0.007 0.016 0.201 0.057**
(0.017) (0.182) (0.036) (0.012) (0.135) (0.025)
posterior = 0 0.056™** -0.512"** -0.034
(0.019) (0.195) (0.035)
posterior = 1 -0.010 0.753*** 0.160***
(0.012) (0.145) (0.025)
Constant - 6.168*** - - 5.215%* -
(0.230) (0.192)
Motives Yes Yes Yes Yes Yes Yes
Difficulty Yes Yes Yes Yes Yes Yes
Observations 950 590 950 1,747 1,145 1,747
Log Likelihood —158.828 -1,204.320 -550.716 —289.839 -2,341.271 -892.781
Note: *p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. Columns 1 — 3 present the three part model for the subset of those participants who acquired signal . Columns 4 — 6 present the three
part model for the subset of those participants who acquired signal o. Columns 1, 3, 4 and 6 report marginal effects. Zero contribution is a binary indicator variable which
takes the value 1 if the participant did not contribute, and 0 otherwise. Contributions is the level of contributions (in euros) for the subset of participants who contributed
an amount g; with 0 < g; < 10. Full contribution is a binary indicator variable which takes the value 1 if the participant contributed the entire endowment, and 0 otherwise.
Prior is a categorical variable with 0.5 as the omitted reference category. Posterior is a categorical variable with "increased posterior" as the omitted reference category when
signal oy was acquired (columns 1-3), and "reduced posterior" omitted when signal o1 was acquired (columns 4 — 6). The control variable motives captures the difference
contribution motives, and difficulty captures the perceived difficulty of the entire questionnaire. The varying number of observations is caused by participants who did not
answer the question about the contribution motives or the question about the difficulty of the questionnaire.
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Table A.10: Alternative model: Multinomial logit model for the information acquisition decision.

Dependent variable:

signal og none signal og none signal og none signal og none
(1) (2) (3) (4) (5) (6) (M) (8)
prior = 0.25 —-0.080 0.127 -0.081 0.101 -0.085 0.076 -0.094 0.078
(0.098) (0.135) (0.099) (0.139) (0.100) (0.147) (0.101) (0.147)
prior = 0.75 -0.106 0.061 -0.103 0.095 -0.128 0.026 -0.134 0.029
(0.098) (0.136) (0.099) (0.141) (0.100) (0.148) (0.101) (0.148)
own payoff 0.357*** 0.537°** 0.369"** 0.563*** 0.389™** 0.559***
(0.124) (0.197) (0.126) (0.206) (0.126) (0.206)
reciprocity 0.199” 1.230*** 0.106 1.025%** 0.133 1.026™**
(0.108) (0.145) (0.111) (0.153) (0.111) (0.153)
own payoff and group payoff 0.067 —-2.528"* 0.220 -2.117*" 0.203 -2.127**
(0.178) (1.010) (0.181) (1.014) (0.182) (1.014)
own payoff and reciprocity -0.244 -0.218 -0.351 —-0.475 -0.328 -0.431
(0.595) (1.054) (0.604) (1.080) (0.605) (1.080)
group payoff and reciprocity 0.147 1.194**7 0.211 1.352**% 0.226 1.354**%
(0.355) (0.409) (0.359) (0.438) (0.360) (0.438)
own payoff, reciprocity, and group payoft -0.574 -11.547 -0.440 -10.937 -0.372 -11.102
(0.570) (243.138) (0.576) (213.374) (0.576) (214.963)
other motives -0.176 1.296*** -0.217 1.241°*% -0.200 1.236***
(0.133) (0.156) (0.136) (0.165) (0.136) (0.165)
no comprehension 0.836™"" 1.976**" 0.855"** 1.965"*"
(0.085) (0.130) (0.086) (0.131)
difficulty = 2 -0.032 -0.010
(0.124) (0.192)
difficulty = 3 -0.306** -0.136
(0.124) (0.188)
difficulty = 4 -0.341** 0.171
(0.173) (0.230)
Constant —-0.549*** -1.519""* -0.615"** -2.152%** -0.902*** -3.094""* -0.755""* -3.052""*
(0.069) (0.098) (0.081) (0.133) (0.088) (0.162) (0.128) (0.217)
Observations 3,127 3,127 3,111 3,111 3,100 3,100 3,100 3,100
AIC 5,966.304  5,966.304  5779.635  5,779.635  5461.605  5461.605  5457.775  5457.775
Note:

*p<0.1; **p<0.05; ***p<0.01

The model is estimated on the subsample of those in the info treatment. The dependent variable is the information acquisition decision, with "signal or" as the omitted
reference category. Prior is a categorical variable with 0.5 as the omitted reference category. The omitted reference category of the categorical variable capturing contribution
motives is group payoff. AIC is the Akaike Information Criterion.



Table A.11:

Probit model for the decision to contribute zero.

Dependent variable:

zero contribution

probit
@) (2) 3) (4) (5)
info 0.026™**
(0.009)
prior = 0.25 0.029*** 0.026™** 0.019** 0.024** 0.018"*
(0.010) (0.010) (0.009) (0.010) (0.009)
prior = 0.75 0.018" 0.015 0.013 0.020** 0.016"
(0.010) (0.009) (0.009) (0.009) (0.009)
acquired signal og -0.003 -0.001
(0.010) (0.010)
acquired signal o, -0.008 -0.003
(0.009) (0.009)
no signal acquired 0.242*** 0.164*** 0.242*** 0.165***
(0.024) (0.019) (0.024) (0.019)
posterior = 1 -0.024"* -0.009
(0.011) (0.013)
posterior = 0 0.056** 0.042**
(0.022) (0.018)
posterior increased -0.023** -0.019*
(0.010) (0.010)
posterior reduced -0.002 -0.001
(0.010) (0.010)
own payoff 0.156*** 0.154***
(0.017) (0.017)
reciprocity 0.077°** 0.076***
(0.009) (0.009)
own payoff and group payoff 0.019 0.020
(0.013) (0.013)
own payoff and reciprocity -0.011%** -0.011%**
(0.003) (0.003)
group payoff and reciprocity 0.001 0.001
(0.012) (0.012)
own payoff, reciprocity, and group payoff -0.011*** -0.011***
(0.003) (0.003)
other motives 0.179*** 0.176***
(0.015) (0.015)
difficulty = 2 -0.016 -0.015
(0.012) (0.011)
difficulty = 3 -0.009 -0.008
(0.012) (0.012)
difficulty = 4 -0.015 -0.014
(0.015) (0.015)
Constant - - - - -
Observations 4,187 4,187 4,153 4,187 4,153
Log Likelihood -1,141.922 -1,041.278 -861.967 -1,030.113 —-855.206

Note:

*p<0.1; **p<0.05; ***p<0.01

All columns report marginal effects, with robust standard errors in parentheses. Zero contribution is a binary

indicator variable which takes the value 1 if the participant did not contribute, and 0 otherwise.

Prior is a

categorical variable with 0.5 as the omitted reference category. Signal choice and posterior are categorical variables
with "no info treatment" as the omitted reference category. The omitted reference category of the categorical
variable capturing contribution motives is group payoff. The control variable difficulty captures the perceived
difficulty of the entire questionnaire, with the level 1 (not difficult) as the omitted reference category. The varying
number of observations is caused by participants who did not answer the question about the contribution motives
or the question about the difficulty of the questionnaire.
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Table A.12:

Alternative model: Censored regression on the sample with 0 < g; < 10.

Dependent variable:

contributions
Tobit
1) (2) 3) (4) (5)
info -0.889"**
(0.147)
prior = 0.25 0.003 0.010 0.119 0.166 0.231
(0.157) (0.157) (0.144) (0.155) (0.143)
prior = 0.75 0.420"** 0.424*** 0.430*** 0.243 0.297**
(0.159) (0.159) (0.145) (0.157) (0.144)
acquired signal oy -0.594*** -0.433**
(0.185) (0.170)
acquired signal or, —0.989*** -0.814***
(0.159) (0.147)
no signal acquired -1.224"** -0.403 -1.226"** -0.443"
(0.283) (0.268) (0.280) (0.266)
posterior = 1 0.909*** 0.587***
(0.241) (0.221)
posterior = 0 -1.045"** -0.831°**
(0.306) (0.292)
posterior increased —-0.444** -0.309"
(0.198) (0.181)
posterior reduced -1.624""* -1.289***
(0.163) (0.152)
own payoff -1.479*** -1.403***
(0.214) (0.211)
reciprocity -3.536"** -3.400"**
(0.135) (0.135)
own payoff and group payoff 1.000"** 0.902***
(0.302) (0.296)
own payoff and reciprocity -4.415%** -4.190"**
(0.548) (0.595)
group payoff and reciprocity -1.660""* -1.524***
(0.423) (0.415)
own payoff, reciprocity, and group payoff -0.871 -0.874
(0.809) (0.769)
other motives —-1.847** —-1.748"**
(0.191) (0.188)
difficulty = 2 —-0.544*"* -0.563"**
(0.181) (0.178)
difficulty = 3 -1.002*** -0.981***
(0.183) (0.181)
difficulty = 4 -0.811*** -0.767°*"
(0.265) (0.262)
Constant 8.186™** 8.180*** 9.677** 8.164™** 9.623*"*
(0.159) (0.158) (0.203) (0.157) (0.200)
Observations 3,859 3,859 3,831 3,859 3,831
Log Likelihood -8,303.484 —8,299.542 -7,909.705 -8,235.291 -7,868.041
Note: *p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses.

The model is estimated on the subsample of those who contributed

0 < g; <10, such that the sample is truncated from below and censored from above. The dependent variable is
the contribution level. Prior is a categorical variable with 0.5 as the omitted reference category. Signal choice
and posterior are categorical variables with "no info treatment" as the omitted reference category. The omitted
reference category of the categorical variable capturing contribution motives is group payoff. The control variable
difficulty captures the perceived difficulty of the entire questionnaire, with the level 1 (not difficult) as the omitted
reference category. The varying number of observations is caused by participants who did not answer the question

about the contribution motives or the question about the difficulty of
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Table A.13: Alternative model: Two-limit Tobit model on the entire sample.

Dependent variable:

contributions
Tobit
1) (2) 3) (4) (5)
info -1.168"**
(0.181)
prior = 0.25 -0.309 -0.263 -0.067 -0.083 0.054
(0.191) (0.189) (0.171) (0.187) (0.170)
prior = 0.75 0.221 0.252 0.290* 0.029 0.132
(0.194) (0.190) (0.171) (0.188) (0.170)
acquired signal oy —0.552*% -0.420**
(0.223) (0.202)
acquired signal o, -0.896"** -0.796""*
(0.191) (0.175)
no signal acquired -3.762"** —-2.434*"* -3.738%"* -2.466"""
(0.346) (0.316) (0.343) (0.314)
posterior = 1 1.251**% 0.698"**
(0.291) (0.265)
posterior = 0 -1.601**" —1.247*
(0.371) (0.341)
posterior increased -0.181 -0.134
(0.236) (0.214)
posterior reduced -1.605"** -1.291°**
(0.196) (0.181)
own payoff -3.048""* —2.943***
(0.263) (0.259)
reciprocity -4.312""* -4.170"*
(0.164) (0.165)
own payoff and group payoff 0.831** 0.715**
(0.354) (0.347)
own payoff and reciprocity —-4.658""* —4.392%**
(0.570) (0.622)
group payoff and reciprocity -1.707** -1.575%**
(0.477) (0.468)
own payoff, reciprocity, and group payoff —-0.948 -0.970
(0.902) (0.859)
other motives -3.793*** -3.6637*"
(0.237) (0.235)
difficulty = 2 -0.424*" —0.454**
(0.214) (0.211)
difficulty = 3 -0.927*** -0.917°**
(0.217) (0.214)
difficulty = 4 -0.693*" -0.663""
(0.314) (0.311)
Constant 7.999%"* 7.950** 10.031°** 7.9427°F 9.981°**
(0.192) (0.189) (0.240) (0.187) (0.237)
Observations 4,187 4,187 4,153 4,187 4,153
Log Likelihood -9,311.650 -9,248.869 -8,780.779 -9,189.193 —-8,744.930

Note:

*p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. The dependent variable is the contribution level. Prior is a categorical
variable with 0.5 as the omitted reference category. Signal choice and posterior are categorical variables with
"no info treatment" as the omitted reference category. The omitted reference category of the categorical variable
capturing contribution motives is group payoff. The control variable difficulty captures the perceived difficulty of
the entire questionnaire, with the level 1 (not difficult) as the omitted reference category. The varying number
of observations is caused by participants who did not answer the question about the contribution motives or the

question about the difficulty of the questionnaire.
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A.3 Model Selection

To select the best model between the 3-part model, the 2-part model, and the simple two-limit
Tobit model, we compared the models according to their value of the log-Likelihood function.
Moreover, to select the best specification of explanatory variables we compared the models ac-
cording to the Akaike Information Criterion (AIC) and the Bayesian Information Criterion (BIC).
Note that the log-Likelihood of the 3-part and 2-part models is calculated by adding up the log-
Likelihood of the separate parts. Table A.14 displays the values of the log-Likelihood and the
information criteria for the specifications of explanatory variables we employed. Column 1 is
the basic specification containing only prior beliefs and the information treatment dummy as
explanatory variables. Instead of the information treatment, columns 2 and 3 employ the signal
choice, while columns 4 and 5 employ the posterior beliefs. Columns 3 and 5 add contribution
motives and difficulty as control variables.

Table A.14 shows that the 3-part model clearly provides the best model fit for each specifica-
tion. Concerning the specification of explanatory variables, including signal choices or posterior
beliefs improves the model fit compared to the model with the information treatment dummy.
Adding contribution motives and difficulty as control variables further improves the model fit.
The preferred model is the 3-part model in column 5, which contains prior and posterior beliefs

as main explanatory variables, and contribution motives and difficulty as control variables.

Table A.14: Model comparison

Model specification
(1) (2) 3) (4) ()
3-part model -9,083.882 -8,967.124 -8,322.329 -8,885.242 -8,270.821

log-Likelihood 2-part model -9,445.405 -9,340.820 -8,771.672 -9,265.404 -8,723.246
two-limit Tobit -9,311.650 -9,248.869 -8,780.779 -9,189.193 -8,744.930

3-part model 18,177.760  17,948.250  16,678.660  17,788.480  16,579.640
AIC 2-part model 18,900.810  18,695.640  17,577.340  18,548.810  17,484.490
two-limit Tobit  18,633.300  18,511.740  17,595.560  18,396.380 17, 527.860

3-part model 18,209.460 17,992.630 16, 786.300 17,845.540 16,699.940
BIC 2-part model 18,932.510 18,740.020 17,684.980 18,605.870 17,604.790
two-limit Tobit 18,665.000 18,556.120 17,703.190 18,453.440 17,648.160

Comparison of model fit according to the value of the log-Likelihood function, the Akaike Information Criterion
(AIC) and the Bayesian Information Criterion (BIC). The 3-part model consists of a probit model for zero
contributions, a probit for full contributions and a truncated normal model for the contribution level on the
subsample of those who contributed 0 < g; < 10, which is truncated from below and above. The 2-part model
consists of a probit model for zero contributions, and a censored regression model for the contribution level on
the subsample of those who contributed 0 < g; < 10, which is truncated from below and censored from above.
The two-limit Tobit model is a censored regression model for contributions on the entire sample. The model
specification includes info and prior as explanatory variables in column 1, prior and signal choice in column 2,
prior, signal choice, motives and difficulty in column 3, prior and posterior in column 4, and prior, posterior,
motives and difficulty in column 5.
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A.4 Regression Tables: Additional Results

Table A.15: OLS regression for the willingness to voluntarily contribute to environmental pro-
tection, measured by 3 variables.

Dependent variable:

willingness to contribute to environmental protection

1) (2) (3) (4) (5)
acquired signal og -0.135"* -0.097 -0.263"** -0.198*** -0.178"**
(0.066) (0.070) (0.061) (0.065) (0.066)
acquired signal o, 0.132** 0.107*
(0.059) (0.062)
no signal acquired 0.014 0.089 -0.136 -0.037 0.004
(0.101) (0.107) (0.097) (0.104) (0.106)
contributions 0.029"** 0.029"** 0.020™" 0.020"* 0.018"
(0.008) (0.009) (0.009) (0.010) (0.010)
difficult = 2 -0.016 -0.030 -0.030
(0.074) (0.094) (0.094)
difficult = 3 0.120 0.106 0.108
(0.077) (0.095) (0.095)
difficult = 4 0.039 0.087 0.094
(0.112) (0.128) (0.128)
no comprehension —-0.096
(0.065)
female 0.360"** 0.376*** 0.376***
(0.051) (0.060) (0.060)
age 0.003 0.003 0.004*
(0.002) (0.002) (0.002)
income —0.00000 0.00000 0.00000
(0.00002) (0.00002)  (0.00002)
academic education 0.502*** 0.551°** 0.543***
(0.056) (0.067) (0.068)
Constant -0.211*** -0.691°** -0.023 -0.609*** -0.592***
(0.072) (0.145) (0.070) (0.169) (0.169)
Info treatment subsample No No Yes Yes Yes
Observations 2,892 2,450 2,154 1,820 1,820
R? 0.011 0.064 0.011 0.069 0.070
Adjusted R? 0.010 0.060 0.009 0.064 0.065

Note: *p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. The dependent variable is the first principle component of three variables
capturing the willingness to contribute to environmental protection: lifestyle changes, support carbon tax, and
sustainable activities. Higher levels of the dependent variable represent higher willingness to contribute to envi-
ronmental protection. Columns 1 and 2 present the regression results for the entire sample. The omitted reference
category for information acquisition is "no info treatment". Columns 3 — 5 present the regression results for the
subsample of those in the info treatment. The omitted reference category for information acquisition is "acquired
signal o,". Contributions is the level of contribution to the public good in the experiment, and takes values from
0 to 10 Euro. The control variable difficulty captures the perceived difficulty of the entire questionnaire, and
comprehension captures whether the participant answered the comprehension question correctly.

92



Table A.16: OLS regression for the willingness to voluntarily contribute to COVID-19 contain-
ment, measured by 4 variables.

Dependent variable:

willingness to contribute to COVID-19 containment

1) (2) (3) (4) (5)
acquired signal og 0.149 0.080 —-0.058 -0.061 -0.051
(0.107) (0.115) (0.093) (0.100) (0.101)
acquired signal o, 0.205** 0.133
(0.092) (0.097)
no signal acquired 0.117 -0.030 -0.078 -0.165 -0.145
(0.144) (0.152) (0.132) (0.142) (0.147)
contributions 0.038"** 0.021* 0.043*** 0.025* 0.024*
(0.012) (0.013) (0.013) (0.014) (0.014)
difficult = 2 0.111 0.196 0.195
(0.120) (0.150) (0.150)
difficult = 3 0.196 0.210 0.210
(0.120) (0.148) (0.149)
difficult = 4 0.118 0.310" 0.316"
(0.170) (0.187) (0.188)
no comprehension -0.052
(0.095)
female 0.162** 0.186** 0.187*"
(0.077) (0.087) (0.087)
age 0.0217** 0.019*** 0.020***
(0.003) (0.003) (0.003)
income 0.0001** 0.0001*** 0.0001***
(0.00002) (0.00003) (0.00003)
academic education 0.255"** 0.183% 0.178"
(0.083) (0.097) (0.097)
Constant —-0.374""* -1.928"** -0.201*" -1.803*** —1.794%**
(0.111) (0.224) (0.100) (0.254) (0.255)
Info treatment subsample No No Yes Yes Yes
Observations 2,377 2,080 1,779 1,550 1,550
R? 0.006 0.051 0.007 0.049 0.049
Adjusted R? 0.005 0.046 0.005 0.043 0.043
Note: *p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. The dependent variable is the first principle component of four variables
capturing the willingness to voluntarily contribute to COVID-19 containment via usage of the corona warning app:
app installed, app test results, app compliance test, and app compliance quarantine. Higher levels of the dependent
variable represent higher willingness to contribute to COVID-19 containment. Columns 1 and 2 present the
regression results for the entire sample. The omitted reference category for information acquisition is "no info
treatment". Columns 3 — 5 present the regression results for the subsample of those in the info treatment.
The omitted reference category for information acquisition is "acquired signal or". Contributions is the level
of contribution to the public good in the experiment, and takes values from 0 to 10 Euro. The control variable
difficulty captures the perceived difficulty of the entire questionnaire, and comprehension captures whether the
participant answered the comprehension question correctly. Other control variables include gender, age, income,
and education.
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Table A.17: OLS regression for the support for a carbon tax.

Dependent variable:

support for carbon tax

1) (2) (3) (4) (5)
acquired signal op -0.085 -0.024 -0.162"** -0.090 -0.065
(0.068) (0.073) (0.062) (0.066) (0.068)
acquired signal oy, 0.078 0.069
(0.059) (0.063)
no signal acquired 0.080 0.206** —-0.009 0.120 0.172%
(0.095) (0.099) (0.090) (0.094) (0.097)
contributions 0.024*** 0.022*** 0.019** 0.017* 0.015
(0.008) (0.008) (0.009) (0.009) (0.009)
difficult = 2 0.005 -0.028 -0.027
(0.075) (0.095) (0.095)
difficult = 3 0.104 0.069 0.072
(0.077) (0.094) (0.094)
difficult = 4 0.063 0.063 0.072
(0.109) (0.124) (0.125)
no comprehension -0.121*
(0.065)
female 0.191*** 0.212*** 0.211%**
(0.051) (0.060) (0.060)
age 0.001 0.002 0.003
(0.002) (0.002) (0.002)
income 0.00000 0.00000 0.00000
(0.00002) (0.00002)  (0.00002)
academic education 0.657*** 0.692*** 0.681**"
(0.056) (0.066) (0.066)
Constant 2.858"** 2.466" 2.968*** 2.493*** 2.513***
(0.071) (0.141) (0.066) (0.162) (0.162)
Info treatment subsample No No Yes Yes Yes
Observations 2,899 2,456 2,159 1,825 1,825
R2 0.006 0.070 0.005 0.073 0.075
Adjusted R? 0.004 0.066 0.004 0.068 0.069
Note: *p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. The dependent variable is the answer to the question whether the par-
ticipants supports or opposes a carbon tax. It is measured on a scale from 1 to 5 and re-coded such that higher
values refer to higher levels of support. Columns 1 and 2 present the regression results for the entire sample.
The omitted reference category for information acquisition is "no info treatment". Columns 3 — 5 present the
regression results for the subsample of those in the info treatment. The omitted reference category for information
acquisition is "acquired signal o1.". Contributions is the level of contribution to the public good in the experi-
ment, and takes values from 0 to 10 Euro. The control variable difficulty captures the perceived difficulty of the
entire questionnaire, and comprehension captures whether the participant answered the comprehension question
correctly.

o4



Table A.18: OLS regression for lifestyle changes to protect the climate.

Dependent variable:

lifestyle changes

(1) (2) (3) (4) (5)
acquired signal oy -0.102% -0.065 -0.143*** -0.091% -0.107"
(0.057) (0.062) (0.051) (0.055) (0.057)
acquired signal oy, 0.043 0.029
(0.051) (0.055)
no signal acquired 0.021 -0.025 -0.033 -0.063 -0.094
(0.079) (0.087) (0.074) (0.083) (0.086)
contributions 0.007 0.012* 0.002 0.006 0.007
(0.007) (0.007) (0.007) (0.008) (0.008)
difficult = 2 -0.069 -0.056 —-0.056
(0.062) (0.078) (0.078)
difficult = 3 0.064 0.078 0.076
(0.065) (0.079) (0.079)
difficult = 4 -0.009 0.053 0.047
(0.095) (0.107) (0.107)
no comprehension 0.075
(0.055)
female 0.291%** 0.274*** 0.275***
(0.044) (0.051) (0.051)
age 0.002 0.001 0.001
(0.001) (0.002) (0.002)
income —-0.00005*** -0.00004*** -0.00004***
(0.00001) (0.00002) (0.00002)
academic education 0.064 0.072 0.078
(0.048) (0.056) (0.056)
Constant 2.546*** 2.456™"* 2.623*** 2.513*** 2.500%**
(0.061) (0.125) (0.056) (0.141) (0.142)
Info treatment subsample No No Yes Yes Yes
Observations 2,899 2,456 2,159 1,825 1,825
R? 0.003 0.031 0.004 0.028 0.029
Adjusted R? 0.002 0.027 0.002 0.023 0.023

Note:

Robust standard errors in parentheses. The dependent variable is the answer to the question whether the par-
ticipants changed their lifestyle in the past six months to protect the climate. It is measured on a scale from
1 to 5 and re-coded such that higher values refer to higher levels of lifestyle changes. Columns 1 and 2 present
the regression results for the entire sample. The omitted reference category for information acquisition is "no
info treatment". Columns 3 — 5 present the regression results for the subsample of those in the info treatment.
The omitted reference category for information acquisition is "acquired signal or".
of contribution to the public good in the experiment, and takes values from 0 to 10 Euro. The control variable
difficulty captures the perceived difficulty of the entire questionnaire, and comprehension captures whether the

participant answered the comprehension question correctly.
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Table A.19: OLS regression for sustainable activities.

Dependent variable:

sustainable activities

(1) 2 3) ) 5)
acquired signal op -0.085 -0.102 -0.223"** -0.212*** -0.178"**
(0.058) (0.063) (0.054) (0.058) (0.058)
acquired signal o, 0.141*** 0.116™"
(0.052) (0.056)
no signal acquired -0.080 0.010 -0.237°** -0.120 -0.051
(0.094) (0.098) (0.092) (0.095) (0.097)
contributions 0.028*** 0.023*** 0.019** 0.016* 0.013
(0.007) (0.008) (0.009) (0.009) (0.009)
difficult = 2 0.030 0.014 0.014
(0.067) (0.085) (0.085)
difficult = 3 0.080 0.062 0.066
(0.069) (0.085) (0.085)
difficult = 4 0.032 0.057 0.069
(0.098) (0.114) (0.114)
no comprehension -0.163***
(0.058)
female 0.248** 0.279*** 0.278***
(0.046) (0.054) (0.054)
age 0.002 0.003* 0.004**
(0.002) (0.002) (0.002)
income 0.00004*** 0.0001*** 0.0001***
(0.00001) (0.00002)  (0.00002)
academic education 0.362*** 0.418*** 0.405***
(0.051) (0.060) (0.060)
Constant 3.424*** 2.900%** 3.616™** 2.975%°F 3.004***
(0.066) (0.132) (0.066) (0.156) (0.156)
Info treatment subsample No No Yes Yes Yes
Observations 2,899 2,454 2,160 1,824 1,824
R? 0.013 0.054 0.012 0.063 0.067
Adjusted R? 0.012 0.049 0.011 0.058 0.061

Note:

Robust standard errors in parentheses.
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*p<0.1; **p<0.05; ***p<0.01

The dependent variable is the answer to the multiple-choice question
which activities related to sustainability they pursued at least once in the past six months. It is measured on
a scale from 1 to 8, where higher values refer to higher number of activities pursued. Columns 1 and 2 present
the regression results for the entire sample. The omitted reference category for information acquisition is "no
info treatment". Columns 3 — 5 present the regression results for the subsample of those in the info treatment.
The omitted reference category for information acquisition is "acquired signal or,".
of contribution to the public good in the experiment, and takes values from 0 to 10 Euro. The control variable
difficulty captures the perceived difficulty of the entire questionnaire, and comprehension captures whether the
participant answered the comprehension question correctly.

Contributions is the level



Table A.20: Probit regression for the probability of having the corona warning app installed
between June 19 and July 10, 2020.

Dependent variable:

app installed

probit
(1) ) () (4) ()
acquired signal o 0.003 -0.029 -0.032 -0.014 0.003
(0.070) (0.077) (0.063) (0.069) (0.071)
acquired signal o, 0.035 -0.018
(0.061) (0.067)
no signal acquired -0.107 -0.057 -0.139 -0.044 —-0.008
(0.093) (0.104) (0.087) (0.098) (0.102)
contributions 0.032"** 0.021°* 0.033*** 0.023** 0.021**
(0.008) (0.009) (0.009) (0.010) (0.010)
difficult = 2 -0.037 -0.013 -0.012
(0.074) (0.093) (0.093)
difficult = 3 -0.025 -0.010 -0.009
(0.077) (0.093) (0.093)
difficult = 4 0.111 0.216" 0.227%
(0.110) (0.124) (0.124)
no comprehension -0.091
(0.067)
female -0.008 -0.003 -0.001
(0.053) (0.062) (0.062)
age -0.003" -0.003 -0.003
(0.002) (0.002) (0.002)
income 0.0001*** 0.0001*** 0.0001***
(0.00002) (0.00002) (0.00002)
academic education 0.159*** 0.130* 0.123*
(0.057) (0.067) (0.067)
Constant -0.283*** -0.486™"* -0.257""* -0.526"*" -0.513"**
(0.072) (0.147) (0.067) (0.168) (0.168)
Info treatment subsample No No Yes Yes Yes
Observations 2,730 2,374 2,035 1,762 1,762
Log Likelihood -1,875.901 -1,592.717 -1,396.374 -1,183.573 -1,182.641
Note: “p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. The dependent variable is a binary indicator variable which takes the value
1 if the participant installed the corona warning app at some point between June 19 and July 10, 2020. Columns
1 and 2 present the regression results for the entire sample. The omitted reference category for information
acquisition is "no info treatment". Columns 3 — 5 present the regression results for the subsample of those in the
info treatment. The omitted reference category for information acquisition is "acquired signal o.". Contributions
is the level of contribution to the public good in the experiment, and takes values from 0 to 10 Euro. The control
variable difficulty captures the perceived difficulty of the entire questionnaire, and comprehension captures whether
the participant answered the comprehension question correctly.
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Table A.21: OLS regression for willingness to enter positive test results in the corona warning
app.

Dependent variable:

app test results

(1) (2) () (4) (5)
acquired signal og 0.059 0.004 -0.071 -0.075 -0.060
(0.095) (0.103) (0.084) (0.091) (0.092)
acquired signal o, 0.127 0.075
(0.082) (0.088)
no signal acquired 0.102 -0.004 -0.010 -0.077 -0.045
(0.128) (0.138) (0.119) (0.130) (0.134)
contributions 0.038"** 0.028"* 0.047°** 0.035*** 0.034***
(0.011) (0.012) (0.012) (0.013) (0.013)
difficult = 2 0.067 0.102 0.101
(0.106) (0.135) (0.135)
difficult = 3 0.136 0.125 0.126
(0.107) (0.133) (0.133)
difficult = 4 0.073 0.267 0.275
(0.156) (0.170) (0.170)
no comprehension -0.080
(0.086)
female 0.104 0.109 0.111
(0.070) (0.081) (0.080)
age 0.014*** 0.013*** 0.014***
(0.002) (0.003) (0.003)
income 0.0001*** 0.0001** 0.0001**
(0.00002) (0.00003) (0.00003)
academic education 0.216™** 0.188** 0.181**
(0.075) (0.089) (0.089)
Constant 3.720"** 2.696""* 3.794%%* 2747 2.763*"*
(0.100) (0.201) (0.091) (0.231) (0.232)
Info treatment subsample No No Yes Yes Yes
Observations 2,683 2,337 2,010 1,744 1,744
R? 0.006 0.029 0.008 0.029 0.030
Adjusted R? 0.004 0.024 0.007 0.024 0.024
Note: *p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. The dependent variable the answer to the question whether the participant
would enter their test results in the corona warning app if they got tested positively for the virus. It is measured
on a scale from 0 to 5, and re-coded such that higher levels indicate higher willingness to enter test results, while
a value of 0 means that the participant did not want to install the app. Columns 1 and 2 present the regression
results for the entire sample. The omitted reference category for information acquisition is "no info treatment".
Columns 3 — 5 present the regression results for the subsample of those in the info treatment. The omitted
reference category for information acquisition is "acquired signal or". Contributions is the level of contribution
to the public good in the experiment, and takes values from 0 to 10 Euro. The control variable difficulty captures
the perceived difficulty of the entire questionnaire, and comprehension captures whether the participant answered
the comprehension question correctly.

o8



Table A.22: OLS regression for compliance with the corona warning app’s request to go into
home quarantine.

Dependent variable:

app compliance quarantine

(1) (2) 3) (4) (5)
acquired signal oy 0.081 0.042 0.009 0.002 0.012
(0.091) (0.097) (0.081) (0.086) (0.087)
acquired signal o1, 0.070 0.034
(0.079) (0.083)
no signal acquired 0.123 -0.033 0.067 -0.065 -0.045
(0.125) (0.133) (0.117) (0.125) (0.128)
contributions 0.0317** 0.020" 0.038*** 0.026™* 0.025**
(0.010) (0.011) (0.012) (0.012) (0.012)
difficult = 2 0.019 0.085 0.085
(0.101) (0.130) (0.130)
difficult = 3 0.094 0.121 0.122
(0.102) (0.128) (0.128)
difficult = 4 0.082 0.227 0.232
(0.147) (0.162) (0.163)
no comprehension -0.052
(0.082)
female 0.172%** 0.174** 0.175**
(0.066) (0.077) (0.077)
age 0.025*** 0.024*** 0.024***
(0.002) (0.002) (0.002)
income 0.0001** 0.00004* 0.00004*
(0.00002) (0.00002) (0.00002)
academic education 0.162** 0.111 0.106
(0.072) (0.084) (0.085)
Constant 3.366"*" 1.811**" 3.387"** 1.846**% 1.856**"
(0.096) (0.186) (0.088) (0.215) (0.216)
Info treatment subsample No No Yes Yes Yes
Observations 2,683 2,338 2,009 1,744 1,744
R? 0.004 0.062 0.006 0.059 0.059
Adjusted R? 0.002 0.057 0.004 0.053 0.053
Note: *p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. The dependent variable the answer to the question whether the participant
would comply with the corona warning app’s request to go into home quarantine. It is measured on a scale from
0 to 5, and re-coded such that higher levels indicate higher willingness to comply, while a value of 0 means
that the participant did not want to install the app. Columns 1 and 2 present the regression results for the
entire sample. The omitted reference category for information acquisition is "no info treatment". Columns 3 — 5
present the regression results for the subsample of those in the info treatment. The omitted reference category for
information acquisition is "acquired signal o1.". Contributions is the level of contribution to the public good in the
experiment, and takes values from 0 to 10 Euro. The control variable difficulty captures the perceived difficulty
of the entire questionnaire, and comprehension captures whether the participant answered the comprehension
question correctly.
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Table A.23: OLS regression for compliance with the corona warning app’s request to get tested.

Dependent variable:

app compliance test

(1) 2 () (4) (5)
acquired signal oy 0.079 0.031 -0.057 -0.056 -0.041
(0.094) (0.101) (0.083) (0.089) (0.090)
acquired signal o, 0.134* 0.084
(0.081) (0.086)
no signal acquired 0.118 -0.031 -0.013 -0.126 -0.094
(0.127) (0.135) (0.118) (0.126) (0.130)
contributions 0.035"** 0.023** 0.037%** 0.023* 0.022*
(0.011) (0.011) (0.012) (0.013) (0.013)
difficult = 2 0.047 0.104 0.103
(0.104) (0.132) (0.132)
difficult = 3 0.152 0.168 0.169
(0.105) (0.130) (0.131)
difficult = 4 0.041 0.194 0.202
(0.152) (0.167) (0.168)
no comprehension -0.079
(0.084)
female 0.148** 0.150% 0.152%
(0.068) (0.079) (0.079)
age 0.021°** 0.021*** 0.021***
(0.002) (0.003) (0.003)
income 0.0001*** 0.0001** 0.0001**
(0.00002) (0.00003) (0.00003)
academic education 0.181*" 0.136 0.128
(0.074) (0.088) (0.088)
Constant 3.616°*" 2,237 3.738%"* 2.319"** 2.335%**
(0.099) (0.194) (0.090) (0.223) (0.224)
Info treatment subsample No No Yes Yes Yes
Observations 2,683 2,338 2,010 1,745 1,745
R? 0.005 0.047 0.005 0.045 0.046
Adjusted R? 0.004 0.043 0.004 0.040 0.040

Note:

*p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. The dependent variable the answer to the question whether the participant
would comply with the corona warning app’s request to get tested. It is measured on a scale from 0 to 5, and
re-coded such that higher levels indicate higher willingness to comply, while a value of 0 means that the participant
did not want to install the app. Columns 1 and 2 present the regression results for the entire sample. The omitted
reference category for information acquisition is "no info treatment". Columns 3 — 5 present the regression results
for the subsample of those in the info treatment. The omitted reference category for information acquisition is
"acquired signal or.". Contributions is the level of contribution to the public good in the experiment, and takes
values from 0 to 10 Euro. The control variable difficulty captures the perceived difficulty of the entire questionnaire,
and comprehension captures whether the participant answered the comprehension question correctly.
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Table A.24: Alternative specification: OLS regression for the willingness to voluntarily contribute
to environmental protection, measured by 5 variables.

Dependent variable:

willingness to contribute to environmental protection

(1) (2) 3) (4) (5)
acquired signal sigma H -0.079 —-0.042 -0.240""" -0.172** -0.146"
(0.080) (0.086) (0.074) (0.080) (0.081)
acquired signal sigma L 0.164** 0.135%
(0.072) (0.076)
no signal acquired 0.071 0.131 -0.110 -0.024 0.029
(0.123) (0.133) (0.118) (0.128) (0.131)
contributions 0.028"** 0.032*** 0.020" 0.023% 0.021%
(0.010) (0.011) (0.011) (0.012) (0.012)
difficult = 2 -0.081 -0.098 -0.098
(0.092) (0.116) (0.116)
difficult = 3 0.115 0.097 0.100
(0.095) (0.117) (0.117)
difficult = 4 0.073 0.110 0.119
(0.141) (0.160) (0.160)
no comprehension -0.127
(0.079)
female 0.341*** 0.355"** 0.354***
(0.063) (0.074) (0.074)
age 0.0004 0.001 0.002
(0.002) (0.002) (0.002)
income -0.00005** -0.00004" -0.00004"
(0.00002) (0.00002) (0.00002)
academic education 0.645*** 0.694*** 0.683***
(0.070) (0.084) (0.085)
Constant -0.237*** -0.491°** -0.019 -0.376" -0.354"
(0.088) (0.176) (0.086) (0.207) (0.208)
Info treatment subsample No No Yes Yes Yes
Observations 2,891 2,449 2,154 1,820 1,820
R? 0.007 0.056 0.006 0.059 0.060
Adjusted R? 0.005 0.052 0.005 0.054 0.055

Note: “p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. The dependent variable is the first principle component of five variables
capturing the willingness to contribute to environmental protection: lifestyle changes, support carbon tazx, sus-
tainable activities, importance emission reductions, and would demonstrate/demonstrated. Higher levels of the
dependent variable represent higher willingness to contribute to environmental protection. Columns 1 and 2
present the regression results for the entire sample. The omitted reference category for information acquisition is
"no info treatment". Columns 3 — 5 present the regression results for the subsample of those in the info treatment.
The omitted reference category for information acquisition is "acquired signal or,". Contributions is the level of
contribution to the public good in the experiment, and takes values from 0 to 10 Euro. The control variable
difficulty captures the perceived difficulty of the entire questionnaire, and comprehension captures whether the
participant answered the comprehension question correctly.
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Table A.25: OLS regression for the willingness to voluntarily contribute to environmental pro-
tection, measured by 8 variables.

Dependent variable:

willingness to contribute to environmental protection

(1) (2) 3) (4) (5)
acquired signal oy -0.058 -0.017 -0.363"** -0.299** -0.272*
(0.137) (0.147) (0.132) (0.143) (0.147)
acquired signal o, 0.306™* 0.276™*
(0.129) (0.133)
no signal acquired 0.136 0.306 -0.175 0.010 0.059
(0.231) (0.240) (0.228) (0.239) (0.246)
contributions 0.050"** 0.057*** 0.047** 0.050"* 0.049**
(0.017) (0.018) (0.020) (0.022) (0.022)
difficult = 2 -0.0002 0.046 0.052
(0.153) (0.198) (0.199)
difficult = 3 0.233 0.200 0.209
(0.159) (0.202) (0.202)
difficult = 4 -0.036 -0.031 -0.015
(0.243) (0.273) (0.275)
no comprehension -0.105
(0.145)
female 0.570**" 0.556™"" 0.556™**
(0.111) (0.134) (0.134)
age 0.003 0.005 0.005
(0.004) (0.004) (0.004)
income -0.0001** -0.0001** -0.0001**
(0.00003) (0.00004)  (0.00004)
academic education 0.870"** 0.827*** 0.817***
(0.120) (0.146) (0.147)
Constant -0.440"** -1.014"** -0.115 -0.752** -0.735""
(0.148) (0.289) (0.158) (0.335) (0.336)
Info treatment subsample No No Yes Yes Yes
Observations 1,110 961 819 712 712
R? 0.015 0.093 0.014 0.081 0.081
Adjusted R? 0.011 0.082 0.011 0.068 0.067
Note: *p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. The dependent variable is the first principle component of eight vari-
ables capturing the willingness to contribute to environmental protection: lifestyle changes, support carbon taz,
sustainable activities, importance emission reductions, would demonstrate/demonstrated, environmentally friendly
products, energy consumption, and donation atmosfair. Higher levels of the dependent variable represent higher
willingness to contribute to environmental protection. Columns 1 and 2 present the regression results for the
entire sample. The omitted reference category for information acquisition is "no info treatment". Columns 3 — 5
present the regression results for the subsample of those in the info treatment. The omitted reference category for
information acquisition is "acquired signal o1.,". Contributions is the level of contribution to the public good in the
experiment, and takes values from 0 to 10 Euro. The control variable difficulty captures the perceived difficulty
of the entire questionnaire, and comprehension captures whether the participant answered the comprehension
question correctly.
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B Robustness Checks

In this appendix, we provide several robustness checks to our regression analysis.

First, we repeat the analysis using only the subsample of those participants who did not
indicate that they found the questionnaire difficult. The question has four levels, ranging from 1
(not difficult) to 4 (very difficult), and we drop those from the sample who answered 3 (difficult)
or 4 (very difficult). This leaves us with a reduced sample size of 2,356 participants. Table B.1
and B.2 report the marginal effects of the probit estimations for the information stage. Table
B.3 reports the three-part model for the contribution stage.

Second, we utilize the response times contained in our data set, which capture how much
time a participant spent on each question page, including the reading time for the instructions.
Since very short response times might indicate a lack of interest, while very long response times
might indicate confusion, we drop from the sample the bottom 10% and top 10% with respect to
the time spent on the instructions for the Voluntary Contribution Mechanism. The remaining
sample contains 3,358 participants. Table B.4 and B.5 report the marginal effects of the probit
estimations for the information stage. Table B.6 reports the three-part model for the contribution
stage.

Third, we repeat the analysis for the information stage with the subsample of those par-
ticipants who answered the comprehension question about the information revelation process
correctly. The size of the remaining sample is 1,879. Table B.7 and B.8 report the marginal
effects of the respective probit estimations. Because only those in the info treatment answered
the comprehension question, we cannot use this restriction as a robustness check for the analysis

of the contribution stage.
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Table B.1: Robustness check: Probit Model for the decision to acquire information, on the subset
of those who did not find the questionnaire difficult.

Dependent variable:

acquired information

probit
(1) (2) 3) (4)

prior = 0.25 -0.026 -0.021 -0.023 -0.023
(0.020) (0.020) (0.019) (0.019)
prior = 0.75 -0.012 -0.010 -0.003 -0.003
(0.019) (0.019) (0.018) (0.018)

own payoff -0.069"* -0.058"" -0.058"*
(0.027) (0.025) (0.025)

reciprocity -0.118"** -0.079*** -0.079"**
(0.025) (0.021) (0.021)

own payoff and group payoff 0.068** 0.074*** 0.074***
(0.009) (0.010) (0.010)

own payoff and reciprocity 0.068"** 0.074*** 0.074***
(0.009) (0.010) (0.010)
group payoff and reciprocity -0.116 -0.109 -0.109
(0.087) (0.071) (0.071)

own payoff, reciprocity, and group payoff 0.068** 0.074*** 0.074***
(0.009) (0.010) (0.010)

other motives -0.156"** -0.146*** -0.146"**
(0.030) (0.028) (0.028)

no comprehension -0.151*** -0.151***
(0.015) (0.015)
difficulty = 2 -0.002
(0.017)

Constant

Observations 1,598 1,589 1,589 1,589

Log Likelihood -575.936 -528.418 -477.021 -477.014

Note: *p<0.1; **p<0.05; ***p<0.01

All columns report marginal effects, with robust standard errors in parentheses. The sample is the subsample
of those in the info treatment, excluding those who indicated that they found the questionnaire difficult or very
difficult. The dependent variable acquired information is a binary indicator variable which takes the value 1 if the
participant chose to acquire either of the two signals, and the value 0 if the participant did not acquire any signal.
Prior is a categorical variable with 0.5 as the reference category. The omitted reference category of the categorical
variable capturing contribution motives is group payoff. The control variable comprehension captures whether
the participant answered the comprehension question correctly, and difficulty captures the perceived difficulty of
the entire questionnaire. The number of observations in columns 2 — 4 is reduced because some participants did
not answer the question about the contribution motives.
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Table B.2: Robustness check: Probit Model for the decision to acquire signal o among those
who acquire information, on the subset of those who did not find the questionnaire difficult.

Dependent variable:

acquired signal og

probit
(1) (2) ) (4)
prior = 0.25 -0.022 -0.019 -0.014 -0.014
(0.032) (0.032) (0.032) (0.032)
prior = 0.75 -0.049 —-0.046 -0.048 —-0.048
(0.032) (0.032) (0.031) (0.031)
own payoff 0.097** 0.102** 0.101**
(0.043) (0.042) (0.042)
reciprocity 0.051 0.035 0.035
(0.036) (0.036) (0.036)
own payoff and group payoff 0.078 0.115** 0.115**
(0.054) (0.053) (0.053)
own payoff and reciprocity -0.060 -0.076 -0.075
(0.204) (0.195) (0.196)
group payoff and reciprocity -0.017 0.019 0.019
(0.121) (0.131) (0.131)
own payoff, reciprocity, and group payoff -0.063 0.001 0.001
(0.201) (0.212) (0.212)
other motives -0.018 -0.005 —-0.004
(0.041) (0.041) (0.041)
no comprehension 0.189*** 0.189***
(0.026) (0.026)
difficulty=2 -0.007
(0.028)
Constant
Observations 1,411 1,405 1,405 1,405
Log Likelihood -932.189 -924.791 -900.547 -900.513
Note: *p<0.1; **p<0.05; ***p<0.01

All columns report marginal effects, with robust standard errors in parentheses. The sample is the subsample
of those who acquired information, excluding those who indicated that they found the questionnaire difficult or
very difficult. The dependent variable is a binary indicator variable which takes the value 1 if the participant
acquired signal o, and the value 0 if the participant acquired signal or. Prior is a categorical variable with 0.5
as the reference category. Own payoff, reciprocity and further motives belong to the same categorical variable
which captures the motives behind the contribution decision, with group payoff as omitted reference category.
The omitted reference category of the categorical variable capturing contribution motives is group payoff. The
control variable comprehension captures whether the participant answered the comprehension question correctly,
and difficulty captures the perceived difficulty of the entire questionnaire. The number of observations in columns
2 — 4 is reduced because some participants did not answer the question about the contribution motives.
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Table B.3: Robustness check: Three-Part Model for contributions, on the subset of those who did not find the questionnaire difficult.

Dependent variable:

zero contribution contributions full contribution
probit Tobit probit
(1) (2) 3 | (4) (5) (6) l (M) (8) )
info 0.027** -0.635"** -0.050""
(0.011) (0.108) (0.021)
prior = 0.25 0.029** 0.023* 0.022* -0.020 0.048 0.109 -0.012 0.001 0.012
(0.013) (0.012) (0.012) (0.129) (0.121) (0.121) (0.024) (0.023) (0.023)
prior = 0.75 0.017 0.014 0.015 0.142 0.169 0.097 0.042% 0.045*" 0.027
(0.012) (0.011) (0.012) (0.131) (0.124) (0.124) (0.024) (0.023) (0.023)
acquired signal sigma H 0.006 -0.536""" -0.028
(0.012) (0.134) (0.026)
acquired signal sigma L -0.002 -0.632*** —-0.045"*
(0.011) (0.115) (0.022)
no signal acquired 0.167**" 0.167*** -0.951°** -0.967** -0.035 -0.038
(0.027) (0.027) (0.243) (0.243) (0.040) (0.040)
posterior = 1 -0.002 0.066 0.103***
(0.018) (0.191) (0.033)
posterior = 0 0.045* -0.955""* -0.047
(0.023) (0.245) (0.043)
posterior increased -0.012 -0.391°** -0.021
(0.013) (0.144) (0.028)
posterior reduced -0.002 -0.816"** -0.111***
(0.011) (0.123) (0.024)
Constant 5.838*"* 6.268""* 6.267°"
(0.110) (0.138) (0.137)
Motives No Yes Yes No Yes Yes No Yes Yes
Difficulty No Yes Yes No Yes Yes No Yes Yes
Observations 2,356 2,345 2,345 1,361 1,353 1,353 2,356 2,345 2,345
Log Likelihood -597.493 -445.437 -442.119 -2,851.381 -2,743.034 -2,730.719 -1,521.987 -1,358.922 -1,338.370
Note: *p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. Columns 1-3 and 7-9 report marginal effects. The sample excludes those who indicated that they found the questionnaire difficult
or very difficult. Zero contribution is a binary indicator variable which takes the value 1 if the participant did not contribute, and 0 otherwise. Contributions is the level
of contributions for the subset of participants who contributed an amount g; with 0 < g; < 10. Full contribution is a binary indicator variable which takes the value 1 if the
participant contributed the entire endowment, and 0 otherwise. Prior is a categorical variable with 0.5 as the omitted reference category. Signal choice and posterior are
categorical variables with "no info treatment" as the omitted reference category. The control variable motives captures the difference contribution motives, and difficulty
captures the perceived difficulty of the entire questionnaire.



Table B.4: Robustness check: Probit Model for the decision to acquire information, on the subset
of those with neither too short nor too long response times.

Dependent variable:

acquired information

probit
(1) (2) 3) (4)
prior = 0.25 -0.012 -0.007 -0.006 -0.007
(0.016) (0.015) (0.015) (0.015)
prior = 0.75 -0.0004 -0.0002 0.003 0.003
(0.016) (0.015) (0.015) (0.015)
own payoff -0.028 -0.026 -0.026
(0.019) (0.019) (0.019)
reciprocity -0.114"** -0.088*** -0.086"**
(0.019) (0.017) (0.017)
own payoff and group payoff 0.069*** 0.074*** 0.075***
(0.008) (0.008) (0.008)
own payoff and reciprocity -0.014 0.001 -0.002
(0.087) (0.077) (0.080)
group payoff and reciprocity -0.116" -0.121% -0.120"
(0.065) (0.062) (0.064)
own payoff, reciprocity, and group payoff 0.069*** 0.074*** 0.075***
(0.008) (0.008) (0.008)
other motives -0.155""* -0.133*** -0.133"**
(0.023) (0.021) (0.021)
no comprehension -0.135"** -0.132"**
(0.012) (0.012)
difficulty = 2 -0.008
(0.019)
difficulty — 3 ~0.007
(0.018)
difficulty = 4 -0.057**
(0.027)
Constant
Observations 2,507 2,495 2,495 2,486
Log Likelihood -903.743 -832.472 —-768.560 -762.929
Note: *p<0.1; **p<0.05; ***p<0.01

All columns report marginal effects, with robust standard errors in parentheses. The sample is the subsample
of those in the info treatment, excluding the bottom 10% and top 10% with respect to the time spent on the
instructions for the Voluntary Contribution Mechanism. The dependent variable acquired information is a binary
indicator variable which takes the value 1 if the participant chose to acquire either of the two signals, and the value
0 if the participant did not acquire any signal. Prior is a categorical variable with 0.5 as the reference category.
The omitted reference category of the categorical variable capturing contribution motives is group payoff. The
control variable comprehension captures whether the participant answered the comprehension question correctly,
and difficulty captures the perceived difficulty of the entire questionnaire. The number of observations in columns
2 — 4 is reduced because some participants did not answer the question about the contribution motives.
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Table B.5: Robustness check: Probit Model for the decision to acquire signal o among those
who acquire information on the subset of those with neither too short nor too long response
times.

Dependent variable:

acquired signal oy

probit
(1) (2) () (4)
prior = 0.25 -0.025 -0.024 -0.025 -0.026
(0.025) (0.025) (0.025) (0.025)
prior = 0.75 -0.017 -0.015 -0.021 -0.022
(0.025) (0.025) (0.024) (0.024)
own payoff 0.116*** 0.1177** 0.121°**
(0.034) (0.033) (0.033)
reciprocity 0.049% 0.034 0.041
(0.028) (0.028) (0.028)
own payoff and group payoff 0.053 0.075" 0.072
(0.045) (0.045) (0.044)
own payoff and reciprocity 0.043 0.032 0.048
(0.163) (0.146) (0.144)
group payoff and reciprocity -0.001 0.021 0.020
(0.088) (0.094) (0.093)
own payoff, reciprocity, and group payoff -0.055 -0.022 -0.016
(0.123) (0.127) (0.125)
other motives -0.026 -0.024 -0.025
(0.031) (0.030) (0.030)
no comprehension 0.169*** 0.173***
(0.020) (0.020)
difficulty = 2 0.009
(0.031)
difficulty = 3 -0.071**
(0.031)
difficulty = 4 -0.046
(0.042)
Constant
Observations 2,214 2,207 2,207 2,199
Log Likelihood ~1427.314  -1,414.192  -1,381.272  -1,368.495
Note: *p<0.1; **p<0.05; ***p<0.01

All columns report marginal effects, with robust standard errors in parentheses. The sample is the subsample of
those who acquired information, excluding the bottom 10% and top 10% with respect to the time spent on the
instructions for the Voluntary Contribution Mechanism. The dependent variable is a binary indicator variable
which takes the value 1 if the participant acquired signal oy, and the value 0 if the participant acquired signal
or. Prior is a categorical variable with 0.5 as the reference category. Own payoff, reciprocity and further motives
belong to the same categorical variable which captures the motives behind the contribution decision, with group
payoff as omitted reference category. The omitted reference category of the categorical variable capturing con-
tribution motives is group payoff. The control variable comprehension captures whether the participant answered
the comprehension question correctly, and difficulty captures the perceived difficulty of the entire questionnaire.
The number of observations in columns 2 — 4 is reduced because some participants did not answer the question
about the contribution motives.
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Table B.6: Robustness check: Three-Part Model for contributions on the subset of those with neither too short nor too long response times.

Dependent variable:

zero contribution contributions full contribution
probit Tobit probit
(1) 2 3 | 4) (5) © | (7) (8) 9)
info 0.028*** -0.628"** -0.081*""
(0.009) (0.091) (0.019)
prior = 0.25 0.021** 0.012 0.012 0.037 0.105 0.162* -0.012 0.002 0.015
(0.011) (0.010) (0.009) (0.102) (0.097) (0.097) (0.019) (0.019) (0.019)
prior = 0.75 0.010 0.008 0.011 0.084 0.117 0.076 0.018 0.024 0.011
(0.010) (0.009) (0.010) (0.103) (0.096) (0.096) (0.020) (0.019) (0.019)
acquired signal sigma H 0.009 -0.422*"* -0.026
(0.011) (0.112) (0.023)
acquired signal sigma L -0.0004 -0.637** -0.063"**
(0.009) (0.096) (0.019)
no signal acquired 0.156*** 0.156*** -1.019"** -1.026"** -0.046 -0.050
(0.021) (0.021) (0.185) (0.185) (0.032) (0.032)
posterior = 1 -0.008 -0.034 0.076™**
(0.014) (0.159) (0.028)
posterior = 0 0.060"** -0.754"** -0.047
(0.021) (0.208) (0.037)
posterior increased -0.012 -0.313"** -0.020
(0.011) (0.119) (0.025)
posterior reduced 0.001 -0.779*"* -0.118"**
(0.010) (0.100) (0.020)
Constant 5.848"** 6.274*" 6.268""*
(0.095) (0.131) (0.131)
Motives No Yes Yes No Yes Yes No Yes Yes
Difficulty No Yes Yes No Yes Yes No Yes Yes
Observations 3,358 3,331 3,331 2,066 2,047 2,047 3,358 3,331 3,331
Log Likelihood -816.598 -604.496 —596.635 —4,271.504 -4,111.645 -4,097.144 -2,089.464 -1,870.752 -1,843.865

Note: “p<0.1; **p<0.05; ***p<0.01

Robust standard errors in parentheses. Columns 1-3 and 7-9 report marginal effects. The sample excludes the bottom 10% and top 10% with respect to the time spent on
the instructions for the Voluntary Contribution Mechanism. Zero contribution is a binary indicator variable which takes the value 1 if the participant did not contribute,
and 0 otherwise. Contributions is the level of contributions for the subset of participants who contributed an amount g; with 0 < g; < 10. Full contribution is a binary
indicator variable which takes the value 1 if the participant contributed the entire endowment, and 0 otherwise. Prior is a categorical variable with 0.5 as the omitted reference
category. Signal choice and posterior are categorical variables with "no info treatment" as the omitted reference category. The control variable motives captures the difference
contribution motives, and difficulty captures the perceived difficulty of the entire questionnaire.



Table B.7: Robustness check: Probit Model for the decision to acquire information on the subset
of those who answered the comprehension question correctly.

Dependent variable:

acquired information

probit
(1) (2) (3)
prior = 0.25 -0.013 -0.012 -0.014
(0.013) (0.012) (0.013)
prior = 0.75 -0.008 —-0.008 -0.009
(0.012) (0.012) (0.012)
own payoff 0.006 0.007
(0.015) (0.015)
reciprocity -0.029" -0.027"
(0.016) (0.016)
own payoff and group payoff 0.039"** 0.039***
(0.011) (0.011)
own payoff and reciprocity 0.047%** 0.0477**
(0.007) (0.007)
group payoff and reciprocity -0.059 —-0.060
(0.060) (0.060)
own payoff, reciprocity, and group payoff 0.047*** 0.047***
(0.007) (0.007)
other motives -0.034" -0.035"
(0.019) (0.019)
difficulty = 2 0.007
(0.016)
difficulty = 3 -0.001
(0.016)
difficulty — 4 0.032
(0.027)
Constant
Observations 1,879 1,875 1,869
Log Likelihood -387.146 -377.233 -375.217
Note: “p<0.1; **p<0.05; ***p<0.01

All columns report marginal effects, with robust standard errors in parentheses. The sample is the subsample
of those in the info treatment, excluding those who did not answer the comprehension question correctly. The
dependent variable acquired information is a binary indicator variable which takes the value 1 if the participant
chose to acquire either of the two signals, and the value 0 if the participant did not acquire any signal. Prior
is a categorical variable with 0.5 as the reference category. The omitted reference category of the categorical
variable capturing contribution motives is group payoff. The control variable comprehension captures whether
the participant answered the comprehension question correctly, and difficulty captures the perceived difficulty of
the entire questionnaire. The number of observations in columns 2 — 3 is reduced because some participants did
not answer the question about the contribution motives.
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Table B.8: Robustness check: Probit Model for the decision to acquire signal oy among those who
acquire information on the subset of those who answered the comprehension question correctly.

Dependent variable:

acquired signal oy

probit
(1) (2) (3)
prior = 0.25 -0.018 -0.015 -0.018
(0.026) (0.026) (0.026)
prior = 0.75 -0.030 -0.027 —-0.030
(0.026) (0.026) (0.026)
own payoff 0.075"* 0.082**
(0.035) (0.035)
reciprocity 0.063** 0.068**
(0.032) (0.032)
own payoff and group payoff 0.038 0.031
(0.044) (0.043)
own payoff and reciprocity -0.145 -0.145
(0.133) (0.130)
group payoff and reciprocity 0.155 0.153
(0.102) (0.102)
own payoff, reciprocity, and group payoff -0.067 -0.059
(0.112) (0.114)
other motives -0.033 -0.035
(0.032) (0.032)
difficulty = 2 —-0.005
(0.034)
difficulty = 3 -0.069"*
(0.033)
difficulty = 4 -0.100"*
(0.046)
Constant
Observations 1,780 1,776 1,770
Log Likelihood -1,065.574 -1,055.703 -1,046.086
Note: *p<0.1; **p<0.05; ***p<0.01

All columns report marginal effects, with robust standard errors in parentheses. The sample is the subsample of
those who acquired information, excluding those who did not answer the comprehension question correctly. The
dependent variable is a binary indicator variable which takes the value 1 if the participant acquired signal op,
and the value 0 if the participant acquired signal 0. Prior is a categorical variable with 0.5 as the reference
category. Own payoff, reciprocity and further motives belong to the same categorical variable which captures
the motives behind the contribution decision, with group payoff as omitted reference category. The omitted
reference category of the categorical variable capturing contribution motives is group payoff. The control variable
comprehension captures whether the participant answered the comprehension question correctly, and difficulty
captures the perceived difficulty of the entire questionnaire. The number of observations in columns 2 — 3 is
reduced because some participants did not answer the question about the contribution motives.
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C Additional Figures
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Figure C.1: Net expected benefit from acquiring one unit of information from either source for type L and pa-
rameters a =0.5 § =5, g =4 and g = 10.
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Figure C.2: Net expected benefit from acquiring one unit of information from either source for type H and
parameters a =0.5 §=5, g=4 and g =10.
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D Overview of Additional Variables

To study the question of whether the behaviour observed in the experiment correlates with will-
ingness to contribute to real-world public goods, we complement the data from our experiment
with socio-demographic variables and other relevant data from available GIP waves. As control
variables, we include gender, age and education from wave 52. Age is reported in 14 brackets for
the year of birth and we re-code the variable to use the mid-point of each bracket as a proxy for
age. Education is reported in 12 levels but, for our purposes, we re-code it into a binary indica-
tor variable for academic education which takes the value one if the participant has a Bachelor
degree or higher, and zero otherwise. In the control variables, we also include income from wave
49, which was fielded in September 2020. Average monthly net income is reported in 15 brackets
and again we use the mid-point of each bracket as a proxy. In households where either another
person than the participant answering the questionnaire or more than one person contributes to

the household income, we use the household instead of personal income.

For the question of whether the contribution types observed in the experiment correlate with
the actual public good contributions, we exploit several questions from previous waves and the
Mannheim Corona Study. Table D.1 presents an overview of all the questions. The original
questionnaire documentation in German can be found on the GIP website or via the GIP data
archive at the GESIS-Leibniz Institute for the Social Sciences.

To find suitable questions that capture willingness to contribute to environmental protection,
we searched the GIP documentation for terms like "environment", "climate", and "sustainabil-
ity". Among the large number of hits, we focused only on those questions that fulfil the following
criteria: First, they concern an individual (as opposed to collective or governmental) willingness
to contribute. Second, the contribution is at least to some extent costly to the individual. Third,
the contribution is voluntary. Therefore, we discarded all questions that ask about personal opin-
ions, e.g. general attitudes towards climate change or assessment of the tasks of the government
concerning environmental protection. In our main specification, we exploit the three questions
that best fit the above-mentioned criteria. The first question elicits the support of a carbon tax
in a simple yes/no manner. The second question asks whether the participants recently changed
their lifestyle to protect the climate, on a scale from 1 to 5. These two questions come from
wave 41 (May 2019). The third question asks whether the participants pursued any of eight
sustainability-related activities, such as donating to an environmental organization. This ques-
tion was fielded in wave 48 (July 2020). We assign one point to each activity pursued and sum
up the points. For the activity of flying, we assign a point when the answer is negative. All three
variables are coded such that higher values indicate a higher willingness to contribute.

In an alternative specification, we add two more variables. The first question asks whether
participants find it important to reduce emissions from vehicles, even at the expense of economic
growth. This question was fielded in wave 48 as well, and while it does not exactly concern
individual contributions, it still captures a certain willingness to pay for environmental protection.
The other variable aggregates three questions concerning demonstrations for climate protection.

While demonstrating is not a direct contribution, participating is costly in terms of time, and
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can express a strong opinion. One question concerns participation in such demonstrations in
the past 6 months and is asked twice, in waves 41 (May 2019) and 44 (November 2019). We
assign one point for each time the participants answered "yes". The third question asks for the
intention to participate in such a demonstration on a scale from 1 to 3. We aggregate these three
questions to one variable by adding up the answers.

Three more questions capture the behaviour of interest, but they were asked as part of ex-
periments, such that not all participants received the questions. This results in a greatly reduced
sample size, but we nevertheless include these variables in an additional specification to check
that our results are not sensitive to the choice of the variables. The first question concerns
purchases of environmentally friendly products, and the second question concerns the reduction
of energy consumption. As part of the experiment, both questions are phrased in two slightly
different ways, but because they still capture the same concept, we aggregate the answers to one
variable for environmentally friendly goods and one for energy consumption. These questions
were asked in wave 38 (November 2018). In wave 44, some participants received an additional
amount of 4 euros for answering the questionnaire, and could decide how much of this they
wanted to keep for themselves, and how much to donate to the climate protection organization

atmosfair’.

For the question of whether the contribution types observed in the experiment correlate
with the willingness to contribute to the containment of COVID-19, we exploit several questions
from the Mannheim Corona Study (MCS). The contributions to the containment of COVID-19
include reducing social contacts, going into home quarantine, getting tested, and getting vac-
cinated. However, most of these contributions are not strictly voluntary. For instance, during
the lockdown social contacts were largely prohibited by law, and home quarantine could be pre-
scribed by the health department. Therefore, to capture individual, voluntary contributions,
we focus on the usage of the corona warning app. Installing the app is voluntary, and whether
somebody who is warned (about a contact to a positively tested person) by the app gets tested
or quarantines cannot be monitored by the authorities. The corona warning app was introduced
in Germany on June 16, 2020. In week 13 of the MCS which was fielded from June 12 to June
19, 2020, participants were asked whether they would install the app, and if so, whether they
would enter a positive test result, and whether they would comply with the app’s request to get
tested or to go into home quarantine. The answers were reported on a scale from 1 to 5 and we
assign a value of zero if the participants answered that they would not install the app in any
case. In addition, the participants were asked whether they had installed the app in the three
following weeks (June 20 to July 10, 2020). We aggregate the answers to an additional indicator
variable which takes the value 1 if the participants answered that they had installed the app in

either of the three weeks.
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9.

Table D.1: Overview of the additional questions used from previous waves of the GIP or from the Mannheim Corona Study, in alphabetical order.

Variable Wave Question Answer options Filter
app installed CW14, Did you or did someone for you install the  1: app installed, -
CW15, official corona warning app on your smart-  2: app not installed,
CW16 ®  phone or not? 3: app installed but since
then uninstalled again
4: I do not use a smart-
phone.
app compliance CW13 Would you comply with the corona warn-  1: yes, in any case, ... The participants did not

test

ing app’s request to get tested for the

virus?

5: no, in any case.

receive this question if they
previously answered that
they do not own a smart-
phone or that they would
be in any case unwilling to

install the corona warning

app.

ZBOW refers to the respective week of the Mannheim Corona Study.



LL

app
test results

CW13

If you got tested positively for the virus,

would you enter it in corona warning app?

1: yes, in any case, ...

5: no, in any case.

The participants did not
receive this question if they
previously answered that
they do not own a smart-
phone or that they would
be in any case unwilling to

install the corona warning

app.-

app compliance CW13 Would you comply with the corona warn-  1: yes, in any case, ... The participants did not
quarantine ing app’s request to go into home quaran-  5: no, in any case. receive this question if they
tine as a precaution? previously answered that
they do not own a smart-
phone or that they would
be in any case unwilling to
install the corona warning
app.
demonstrated 41, 44 Did you participate in a demonstration  0: yes -
against climate change in the past 6 1: no
months?
donation 44 Please fill in here the amount you want to 0€ - 4€ Part of an experiment,
atmosfair donate to the climate protection organiza- such that 2/3 of the par-

tion atmosfair.

ticipants were randomly se-
lected to receive this ques-

tion.



3L

enerqgy

consumption [

38

To what extent to you find it person-
ally acceptable to restrict your energy con-

sumption in order to stop climate change?

0: not acceptable at all, ...,
10: completely

acceptable

Part of an experiment,
such that 1/3 of the par-
ticipants were randomly se-
lected to receive this ques-
tion. The other 1/3 re-
ceived the question energy

consumption II.

energy

consumption I

38

How often in your daily life do you do
something to reduce your energy consump-

tion?

0: never, ...,

10: always

Part of an experiment,
such that 1/3 of the par-
ticipants were randomly
selected to receive this
If they re-

ceived this question they

question.

also received environmen-
tally friendly products II,
not 1.

environmentally

friendly products I

38

To what extent do you find it personally
acceptable to pay higher prices for envi-

ronmentally friendly products?

0: not acceptable at all, ...,
10: completely

acceptable

Part of an experiment,
such that 1/3 of the par-
ticipants were randomly se-
lected to receive this ques-
tion. The other 1/3 re-
ceived the question envi-
ronmentally friendly prod-
ucts I1.



6.

environmentally 38 How often when buying products do you  0: never, ..., Part of an experiment,
friendly products IT pay attention to these products being en-  10: always such that 1/3 of the par-
vironmentally friendly? ticipants were randomly se-
lected to receive this ques-
tion.
importance 48 Please indicate how much you agree with ~ 1: do not agree at all, ... -
emission reductions the following statement: It is very impor-  7: agree entirely
tant to reduce the emission of carbon diox-
ide (CO2) and pollutants by vehicles, even
at the expense of economic growth.
lifestyle changes 41 Did you change your lifestyle in the past 6  1: very much, ..., -
months to protect the climate? 5: not at all
support 41 Do you oppose the introduction of a car-  1: agree fully, ..., —
carbon tax bon tax or do you agree with it? 5: oppose strongly




08

Which of the following activities did you
perform at least once in the past 6
months? Please select all applicable ac-

tivities.

a: paying attention to the
sustainability of a product
during the purchase.

b:  Worked for an envi-
ronmental project in a
voluntary capacity.

c: Participated in a
demonstration for more
environmental and /or
climate protection.

d: Brought own bag to
shopping.

e: Signed a petition
for more environmental
and/or climate protection.
f: Donated to an environ-
mental organization.

g: Bought regional organic
products.

h: Went on a flight.

sustatnable 48
activities

would 41
demonstrate

Would you participate in such a demon-
stration for climate protection in the near

future if it took place near your residence?

1: yes, in any case
2: probably

3: no




E Experimental Instructions

E.1 Overview of the Experimental Procedure

Instructions: payment procedure

Instructions: Voluntary Contribution Mechanism

—No Info Treatment———Info Treatment——

Instructions: information revelation process

Comprehension question

Information acquisition decision

Willingness to pay/accept

Contribution decision

Elicitation of reasons for contribution choice
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E.2 English Translation of the Instructions and Questions

Instructions for the payment procedure

What follows is about making an investment decision. You are a member of a group of
four participants who all have the same investment possibility. Your own payoff depends
on the decisions of all group members. Randomly drawn participants of the study will
receive their payoffs as real amounts of money. We will randomly draw 50 groups of 4
participants each, that is 200 participants in total, and we will transfer their payoffs to
the drawn participants. All other participants will not receive any money. Nobody can
be drawn more than once. We estimate that approximately 4000 people will take part in
this study. All decisions will of course remain anonymous. We will notify the participants

who were drawn in June 2021.

Instructions for the Voluntary Contribution Mechanism.

Example for the info treatment and a prior of 0.75

The payoff you will receive when you are drawn depends on your own investment decision

as well as on the investment decisions of the three other group members.

You and the three other group members each have a budget of 10€ in a virtual
account. You can decide how much of your budget you want to invest into a group

project, and how much you want to keep in your virtual account.

Your payoff results from the remaining budget on your virtual account and the

revenue from the group project.

You and the other three group members will all receive the same revenue from the
group project. The level of the revenue is determined by the sum of all investments in
the group project. Moreover, the level of the revenue depends on whether the group
project is a GOLD or a SILVER project. Initially, the type of the project is known to
nobody. You will later have the opportunity to potentially find out the type of the project.

If the group project is GOLD, the revenue for each group member is one half (50%) of
the sum of all investments in the project. If the group project is SILVER, the revenue for
each group member is one tenth (10%) of the sum of all investments in the project. Let’s
consider an example in which the sum of all investments in the group project is 40 €.
Then, you and all other group members will receive a revenue of 50% of 40 € = 20€ if the
project is GOLD, or alternatively a revenue of 10% of 40 € = 4 € if the project is SILVER.

Among 100 groups, 75 groups have a GOLD project and 25 groups have a SILVER

project.
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Instructions for the information revelation process (info treatment)

Before you make your investment decision, you now have the chance to potentially find
out whether the group project is a GOLD or SILVER project.

Below, you can see four envelopes. You may open one of the envelopes once. Ev-
ery envelope contains a card which is either gold or silver. Only in the case of one of the

four envelope the true type of the group project can be inferred with certainty.

Only if the group project is GOLD, exactly one of the two silver envelopes con-
tains a gold card and hence reveals the type of the group project. Otherwise, the silver

envelopes always contain a silver card.

Only if the group project is SILVER, exactly one of the two gold envelopes con-
tains a silver card and hence reveals the type of the group project. Otherwise the gold

envelopes always contain a gold card.

Only if you find a gold card in a silver envelope, you can be completely certain
that the group project is a GOLD project. If you find a gold card in a gold envelope, you
can be more certain that it is a GOLD project than without this information, but you

cannot be completely certain.

Only if you find a silver card in a gold envelope, you can be completely certain
that the group project is a SILVER project. If you find a silver card in a silver envelope,
you can be more certain that it is a SILVER project than without this information, but

you cannot be completely certain.

If you open one of the envelopes, you will receive specific information about how
you can interpret the color of the card and how certain you can be about the type of your

group project.

Gold Envelope 1 Gold Envelope 2 Silver Envelope 1 Silver Envelope 2
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Comprehension question (info treatment)

With this question, we want to check your understanding of the instructions. If you do
not know the answer to this question, please go back to the previous page and read the

instructions again carefully.
Is the following statement true or false?

"Only if you find a card which does not have the same color as the envelope in
which it was located, you can be completely certain that the color of the card reveals the

type of the group project."

O False
O True

O T don’t know.

Information acquisition decision (info treatment)

Gold Envelope 1 Gold Envelope 2 Silver Envelope 1 Silver Envelope 2

Please decide now which of the four envelopes you want to open. If you do not want to

open an envelope, please select "No envelope".

Which envelope do you want to open?

O Gold Envelope 1
O Gold Envelope 2
O Silver Envelope 1
O Silver Envelope 2

O No envelope
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If the participant chose to open a silver envelope (info treatment):

Willingness to pay

You decided to open a silver envelope. Before we will show you the content of the
envelope you chose, we have one additional question which is not going to affect your

payoff. Suppose that it would have cost something to open an envelope.

Please state the highest amount, between 0€ and 10€, that you would

have been willing to pay to open a silver envelope.

€

If the participant chose not to open an envelope (info treatment):

Willingness to accept

You decided not to open an envelope. Before moving on to the next question, we have
one additional question which is not going to affect your payoff. Suppose that you would

have received money for opening an envelope.

Please indicate the smallest amount, between 0€ and 10€, that we

would have had to pay you so that you ...

. would have opened a gold envelope: €

. would have opened a silver envelope: €

Contribution decision (no info treatment)

| r

Please make your investment decision now. You can invest an amount between 0€ and
10€ in the group project. The share of your budget that you do not invest in the group

project remains in your virtual account.

Please fill in here which amount you want to invest in the group project:

€




If the participant opened a silver envelope and received a silver card:

Contribution decision (info treatment)

You opened the silver envelope 1. The envelope contains a silver card. You are now less
certain than before that the group project is a GOLD project. Among 100 groups in
which someone found a silver card in a silver envelope, 60 groups have a GOLD project
and 40 groups have a SILVER project.

Please make your investment decision now. You can invest an amount between
0€ and 10€ in the group project. The share of your budget that you do not invest in

the group project remains in your virtual account.

Please fill in here which amount you want to invest into the group project:

€

[0 I want to read the instructions again.

\

If the participant opened a silver envelope and received a gold card:
Contribution decision (info treatment)

You opened the silver envelope 1. The envelope contains a gold card. The group project

is a GOLD project with certainty.

Please make your investment decision now. You can invest an amount between
0€ and 10€ in the group project. The share of your budget that you do not invest in

the group project remains in your virtual account.

Please fill in here which amount you want to invest into the group project:

€

[0 I want to read the instructions again.
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Motives for the contribution choice

Which of the following motives can explain your personal investment decision?

Please indicate all motives.

O I want to invest neither more nor less than the other group members.
[0 I want to achieve a total payoff as high as possible for my entire group.
O I want to achieve a payoff as high as possible for myself.

O I had a different motive, namely:
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E.3 Screenshots of the Original Instructions and Questions

Gesellschaft
im Wandel

Im Folgenden geht es darum, eine Investitionsentscheidung zu treffen. Sie sind Teil einer Gruppe von vier Teilnehmenden,
die alle die gleiche Investitionsmdglichkeit haben. lhre eigene Auszahlung hangt dabei von den Entscheidungen aller
Gruppenmitglieder ab. Zuféllig ausgeloste Teilnehmende der Studie erhalten ihre jeweiligen Auszahlungen als echte
Geldbetrage. Wir werden 50 Gruppen mit jeweils 4 Teilnehmenden, das heiltt 200 Teilnehmende insgesamt, auslosen und
den ausgelosten Teilnehmenden ihre Auszahlung iiberweisen. Alle anderen Teilnehmenden erhalten kein Geld. Niemand
kann mehr als einmal ausgelost werden. Wir schétzen, dass circa 4000 Personen an dieser Studie teilnehmen werden. Alle
Entscheidungen bleiben natiirlich anonym. Wir werden die Teilnehmenden, die ausgelost wurden, im Juni 2021
benachrichtigen.

< Zurick Weiter >

ol )
L UNIVERSITAT
é*i'f?ﬁMANNHEIM

Figure E.1: Instructions for the payment procedure.

88



Gesellschaft
im Wandel

Welche Auszahlung Sie erhalten, wenn Sie ausgelost werden, hdangt sowohl von |hrer Investitionsentscheidung als auch von
den Investitionsentscheidungen der anderen drei Gruppenmitglieder ab.

Sie und die anderen drei Gruppenmitglieder haben jeweils ein Budget von 10€ auf einem virtuellen Konto. Sie kdnnen
entscheiden, wie viel von lhrem Budget Sie in ein Gruppenprojekt investieren mdchten und wie viel Sie auf Ihrem virtuellem
Konto behalten méchten.

lhre Auszahlung ergibt sich aus dem restlichen Budget auf Ihrem virtuellen Konto und dem Ertrag aus dem Gruppenprojekt.
Sie und die anderen drei Gruppenmitglieder bekommen alle den gleichen Ertrag aus dem Gruppenprojekt. Die Hohe des
Ertrags wird von der Summe aller Investitionen in das Gruppenprojekt bestimmt. AuRerdem héngt die Hohe des Ertrags
davon ab, ob es sich bei dem Projekt um ein GOLD oder ein SILBER Projekt handelt. Der Typ des Projekts ist anfangs
niemandem bekannt. Sie haben spéter die Gelegenheit, den Typ des Projekts moglicherweise herauszufinden.

Wenn das Gruppenprojekt GOLD ist, ist der Ertrag fiir jedes Gruppenmitglied die Hélfte (50%) der Summe aller Investitionen
in das Gruppenprojekt. Wenn das Gruppenprojekt SILBER ist, ist der Ertrag fiir jedes Gruppenmitglied ein Zehntel (10%) der
Summe aller Investitionen in das Gruppenprojekt.

Betrachten wir ein Beispiel, bei dem die Summe aller Investitionen in das Gruppenprojekt 40€ ist. Dann bekommen Sie und
die anderen drei Gruppenmitglieder jeweils einen Ertrag von 50% von 40€ = 20€ wenn das Gruppenprojekt GOLD ist,

beziehungsweise einen Ertrag von 10% von 40€ = 4€ wenn das Gruppenprojekt SILBER ist.

Von 100 Gruppen haben 75 Gruppen ein GOLD Projekt und 25 Gruppen haben ein SILBER Projekt.

< Zurlick Weiter >

% .
S UNIVERSITAT
%;‘;?L?MANNHEIM

Figure E.2: Instructions for the Voluntary Contribution Mechanism. Example for the info treat-
ment and a prior of u=0.75.
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Gesellschaft
im Wandel

Bevor Sie Ihre Investitionsentscheidung treffen, haben Sie nun die Gelegenheit, méglicherweise herauszufinden, ob es sich
bei dem Gruppenprojekt um ein GOLD oder SILBER Projekt handelt.

Unten sehen Sie vier Umschldge. Sie kdnnen nun einmalig einen der Umschlage 6ffnen. Jeder Umschlag enthélt eine Karte,
die entweder gold oder silber ist. Nur bei genau einem der vier Umschlége lasst sich aus der Farbe der Karte mit Sicherheit
der wahre Typ des Gruppenprojekts schlussfolgern.

Nur wenn das Gruppenprojekt GOLD ist, enthilt genau einer der beiden silbernen Umschlédge eine goldene Karte und verrat
somit den Typ des Gruppenprojekts. Sonst enthalten die silbernen Umschldge immer eine silberne Karte.

Nur wenn das Gruppenprojekt SILBER ist, enthalt genau einer der beiden goldenen Umschlége eine silberne Karte und verrat
somit den Typ des Gruppenprojekts. Sonst enthalten die goldenen Umschldge immer eine goldene Karte.

Nur wenn Sie eine goldene Karte in einem silbernen Umschlag finden, konnen Sie sich ganz sicher sein, dass das
Gruppenprojekt ein GOLD Projekt ist. Wenn Sie eine goldene Karte in einem goldenen Umschlag finden, kdnnen Sie zwar
etwas sicherer sein, dass es ein GOLD Projekt ist, als ohne diese Information, aber Sie kénnen nicht ganz sicher sein.

Genauso gilt: Nur wenn Sie eine silberne Karte in einem goldenen Umschlag finden, kénnen Sie sich ganz sicher sein, dass
das Gruppenprojekt ein SILBER Projekt ist. Wenn Sie eine silberne Karte in einem silbernen Umschlag finden, kénnen Sie
zwar etwas sicherer sein, dass es ein SILBER Projekt ist, als ohne diese Information, aber Sie kdnnen nicht ganz sicher sein.

Wenn Sie einen Umschlag 6ffnen, erhalten Sie eine genaue Angabe dariiber, wie Sie die Farbe der Karte interpretieren
kénnen und wie sicher Sie sich liber den Typ lhres Gruppenprojekts sein kdnnen.

Goldener Umschlag 1 Goldener Umschlag 2 Silberner Umschlag 1 Silberner Umschlag 2

< Zurick Weiter >

Figure E.3: Instructions for the information revelation process (info treatment).
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Gesellschaft
im Wandel

Mit dieser Frage mochten wir Ihr Verstandnis der Anleitung (berpriifen. Wenn Sie die Antwort auf diese Frage nicht wissen,
gehen Sie bitte zuriick auf die vorherige Seite und lesen Sie bitte die Anleitung noch einmal griindlich durch.

Ist die folgende Aussage wahr oder falsch?

JNur wenn Sie eine Karte finden, die nicht dieselbe Farbe hat wie der Umschlag, in dem Sie sich befindet, kénnen Sie sich
ganz sicher sein, dass die Farbe der Karte den Typ des Gruppenprojekts verrat.”

Falsch

Wahr

Ich weil} es nicht.

< Zuruck Weiter >

Pl )
&85 UNTVERSITAT
{?@ﬁbMANNHEIM

Figure E.4: Comprehension question (info treatment).
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Gesellschaft
im Wandel

Goldener Umschlag 1 Goldener Umschlag 2 Silberner Umschlag 1 Silberner Umschlag 2

Bitte entscheiden Sie jetzt, welchen der vier Umschlédge Sie 6ffnen méchten. Wenn Sie keinen Umschlag 6ffnen mochten,
wahlen Sie bitte ,Keinen Umschlag"” aus.

Welchen Umschlag méchten Sie 6ffnen?

Goldener Umschlag 1
Goldener Umschlag 2
Silberner Umschlag 1

Silberner Umschlag 2

Keinen Umschlag

< Zuriick Weiter >

ol "
@ UNIVERSITAT
({!@ﬁ&MANNHEIM

Figure E.5: Information acquisition decision (info treatment).
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Gesellschaft
im Wandel

Sie haben sich entschieden, einen silbernen Umschlag zu 6ffnen. Bevor wir lhnen den Inhalt des von lhnen gewéhlten

Umschlags zeigen, haben wir eine weitere Frage, die lhre Auszahlung nicht beeinflussen wird. Nehmen Sie an, es hétte
etwas gekostet, einen Umschlag zu 6ffnen.

Bitte geben Sie den hochsten Betrag zwischen 0€ und 10€ an, den Sie zu zahlen bereit gewesen wiren, um einen
silbernen Umschlag 6ffnen zu kdnnen.

< Zurick Weiter >

ol )
1A \UNIVERSITAT
{Jif!@’i:?MANNHEIM

Figure E.6: If the participant chose to open a silver envelope (info treatment): Willingness to
pay question.
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Gesellschaft
im Wandel

Sie haben sich entschieden, keinen Umschlag zu 6ffnen. Bevor es zur ndachsten Frage geht, haben wir eine weitere Frage, die
Ihre Auszahlung nicht beeinflussen wird. Nehmen Sie an, Sie hatten Geld dafiir bekommen, einen Umschlag zu 6ffnen.

Bitte geben Sie den kleinsten Betrag zwischen 0€ und 10€ an, den wir lhnen mindestens hitten bezahlen miissen, damit
Sie...

..einen goldenen Umschlag gedffnet hatten.

..einen silbernen Umschlag gedffnet hatten.

< Zuriick Weiter >

e )
&8 UNTVERSITAT
%@‘?i‘_’?MANNHEIM

Figure E.7: If the participant chose not to open an envelope (info treatment): Willingness to
accept question.

Gesellschaft

im Wandel

Bitte treffen Sie nun lhre Investitionsentscheidung. Sie kdnnen einen Betrag zwischen 0€ und 10€ in das Gruppenprojekt
investieren. Der Anteil von Ihrem Budget, den Sie nicht in das Gruppenprojekt investieren, bleibt auf Ihrem virtuellen Konto.

Bitte tragen Sie hier ein, welchen Betrag Sie in das Gruppenprojekt investieren méchten:

< Zurtick Weiter >

/888, UNIVERSITAT
S ANNHEIM

Figure E.8: Contribution decision (no info treatment).
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Gesellschaft
im Wandel

Sie haben den silbernen Umschlag 1 getffnet.

Der Umschlag enthélt eine silberne Karte. Sie sind nun weniger sicher als zuvor, dass es sich bei dem Gruppenprojekt um
ein GOLD Projekt handelt. Von 100 Gruppen, in denen jemand eine silberne Karte in einem silbernen Umschlag gefunden hat,
haben 60 Gruppen ein GOLD Projekt und 40 Gruppen haben ein SILBER Projekt.

Bitte treffen Sie nun lhre Investitionsentscheidung. Sie kdnnen einen Betrag zwischen 0€ und 10€ in das Gruppenprojekt
investieren. Der Anteil von Ihrem Budget, den Sie nicht in das Gruppenprojekt investieren, bleibt auf Ihrem virtuellen Konto.

Bitte tragen Sie hier ein, welchen Betrag Sie in das Gruppenprojekt investieren mdchten:

Ich moéchte die Anleitung nochmals lesen.

Weiter >

2, UNIVERSITAT
é@U&MANNHEIM

Figure E.9: If the participant opened a silver envelope and received a silver card: Contribution
decision (info treatment).
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Gesellschaft
im Wandel

Sie haben den silbernen Umschlag 1 geoffnet.
Der Umschlag enthilt eine goldene Karte. Das Gruppenprojekt ist mit Sicherheit ein GOLD Projekt.

Bitte treffen Sie nun Ihre Investitionsentscheidung. Sie kénnen einen Betrag zwischen 0€ und 10€ in das Gruppenprojekt
investieren. Der Anteil von Ihrem Budget, den Sie nicht in das Gruppenprojekt investieren, bleibt auf lhrem virtuellen Konto.

Bitte tragen Sie hier ein, welchen Betrag Sie in das Gruppenprojekt investieren méchten:

Ich méchte die Anleitung nochmals lesen.

Weiter >

o
(a8 UNIVERSITAT
¥ MANNHEIM

Figure E.10: If the participant opened a silver envelope and received a gold card: Contribution
decision (info treatment).

Gesellschaft
im Wandel

Welche der folgenden Beweggriinde kénnen lhre persénliche Investitionsentscheidung erklaren?

Bitte geben Sie alle Beweggrtinde an.

Ich mdchte weder mehr noch weniger investieren als die anderen Gruppenmitglieder.
Ich méchte eine moglichst hohe Gesamtauszahlung fur meine ganze Gruppe erzielen.
Ich méchte eine moglichst hohe Auszahlung fiir mich selbst erzielen.

Ich hatte einen anderen Beweggrund, und zwar:

< Zurick Weiter >

2l
Jﬂ!HE%UNlVERSlTi—\F
L.VJ MANNHEIM

Figure E.11: Question about the motives for the contribution choice.
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